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Abstract

COVID-19 has caused not only unprecedented health crises but also economic crises 
among individuals across the world. White-collar (salaried-class) employees with a 
fixed salary face financial insecurity due to job loss, pay cuts and uncertainty in retain-
ing a job. This study examines the financial behavior of Indian white-collar salaried-
class investors to their cognitive biases. In addition, the mediating effect of financial 
self-efficacy on cognitive biases and financial behavior is examined. Respondents were 
given structured questionnaires (google forms) through emails and WhatsApp for data 
collection. SPSS and R-PLS are used to analyze the data. Conservatism (r = –.603, p 
< 0.05) and herding bias (r = –.703, p < 0.05) have a significant negative correlation 
with financial behavior. Financial self-efficacy has a significant positive correlation (r 
=.621. p < 0.050). Conservatism and herding predicted 60.5% and 62.2% of the vari-
ance, respectively. The direct and indirect paths between conservatism bias, financial 
self-efficacy, and financial behavior are significant. The paths between herding, finan-
cial self-efficacy and financial behavior are also significant.
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INTRODUCTION

The pandemic has distinctively increased irrational behavior (Wang et 
al., 2022) and has caused stress and anxiety among people. COVID-19 
has had a significant effect on the Indian subcontinent. The total num-
ber of confirmed COVID-19 cases in India is around 40.46 million, 
with 0.528 million deaths (WHO, 2022). The pandemic has impacted 
the health as well as economic lives of individuals (Carroll et al., 2020). 
The estimated economic growth by R.B.I. was 10.5% in 2021–2022 
(Business Standard, 2021b). The second pandemic wave hampered 
this in February 2021 (Economic Times, 2021). Indian economy faced 
a massive dip in Gross Domestic Product, with real GDP contracting 
from 8.3% in 2021 to 7.7% in 2022 (Economic Times, 2022). The effects 
of COVID-19 are enormous as it continues to rattle India’s economy. 
These effects are not only limited to the macro level, but have seeped into 
the lives of individuals. This was mainly due to lockdowns, uncertain-
ties, inflation, and medical expenditures. The containment measures 
since March 2020 have resulted in colossal unemployment (Rodriguez 
et al., 2021). India was facing an economic slowdown even before the 
pandemic arrived in India, as many salaried-class employees have been 
laid off periodically since 2019 (India Today, 2020). There was a massive 
rise in unemployment in India, which had sharply increased since the 
lockdown in March 2020. The pandemic was a final blow to the mil-
lions of salaried class people in India (India Today, 2020). 

The weaker section of society took the initial hit of the lockdown, but 
the significant impact was on salaried-class urban individuals (CMIE, 
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2020). There was a sharp decrease in the income of salaried-class individuals as they were impacted by 
the economic slowdown caused by the pandemic. Indian salaried-class individuals are the key drivers 
of the Indian economy. Unemployment and low household incomes are the reasons why the growth of 
the country has been hugely hampered during the pandemic. Centre for Monitoring Indian Economy 
(CMIE) reported that around 18.9 million salaried-class (White-collar) individuals, including engi-
neers, teachers, and accountants, among others, lost their jobs due to COVID-19 (India Today, 2020). 

COVID-19 has impacted salaried-class employees and has had income strain since March 2020 (Kumar 
& Bhagavathi, 2022). Individuals with regular and fixed incomes are known as salaried individuals 
(Khan, 2019). Salaried individuals have fixed incomes, so they must carefully manage their resources 
to meet their life goals, especially after retirement (Atodari & Sharma, 2019). Investing while they are 
still working helps them create wealth for the future and makes them financially independent. Investors 
can systematically invest and plan their expenditures even after retirement (Atodari & Sharma, 2019). 
In these challenging times, an individual needs to be more prudent while making financial decisions, 
especially salaried ones. The pandemic increased the biases among individuals, which impacted their 
financial behavior. Cognitive biases escalate during times of fear and uncertainty (Bouri et al., 2021). 
Cognitive bias arises from faulty reasoning, and individuals can rectify it with reliable information and 
advice (Pompian, 2006). Financial uncertainty causes significant stress and leads to imprudent financial 
behavior.

1. LITERATURE REVIEW

Humans have always struggled to make decisions 
(Owie et al., 2017), especially if the decisions are fi-
nancial (Hershey et al., 2015), and this escalated to 
another level during the pandemic. The availabil-
ity of numerous financial products increases the 
complexities to another level (Weierich et al., 2011). 
Individuals should be rational and make prudent fi-
nancial decisions by being aware of all the existing 
financial alternatives and taking prompt decisions 
to gain investment opportunities. To achieve qual-
ity decision-making capacity, they should be aware 
of their biases (Kannadhasan & Nandagopal, 2010a).

Individuals and households have financial dis-
turbances during COVID-19 (Hasler et al.,2021). 
Individuals forcefully stayed in their homes, which 
caused significant stress, which is both psychological 
and financial (Rodriguez et al., 2021). This fear and 
uncertainty have caused biases among less-informed 
individuals (Aslam et al., 2022). Kahneman and 
Tversky (1979) developed prospect theory highlight-
ing that investors weigh losses more than gains of the 
same magnitude. Prospect theory examines deci-
sion-making under uncertainty and reveals that in-
vestors are risk-averse or risk-taking according to the 
situation. Markets are not informationally efficient 
in real life, and individuals face constraints that act 
as cognitive limitations while making financial deci-

sions (Simon, 1955). This theory is known as bound-
ed rationality. Humans often take mental shortcuts 
when making financial decisions (Pompeian, 2012; 
Shefrin & Statman, 2011). The above two theories are 
the theoretical base for the study.

Herding is a cognitive behavioral bias, which is 
considered the root cause of volatility, bubbles and 
crashes and causes fragility of the financial mar-
ket (Chaffai & Medhioub, 2018). Herding is a phe-
nomenon where investors make a decision identical 
or similar to another investor and follows another 
person’s actions and financial behavior (Chaing & 
Zheng, 2010). Hence herding can be defined as flock-
ing with the rest. Black Swan events like terrorist at-
tacks and epidemics create herding bias among hu-
mans (Burch et al., 2016) and cause market stress and 
thus increasing herding among individuals (Bouri et 
al., 2021). The uncertainty and fear have caused glob-
al volatility in financial markets (Aslam et al., 2020). 
Herding causes people to flock as they lack financial 
knowledge, forcing them to emulate the actions of 
others (Kumar & Goyal, 2016; Aslam et al., 2022). 
Individuals act irrationally and imitate the behav-
ior of others out of greed or distress, which results in 
volatility in the market (Prosad et al., 2015). Herding 
further increases due to less confidence in process-
ing the available information (Fernández et al., 2011). 
Individuals want to avoid risk, especially when the 
decision is complex. To simplify the decision, people 
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tend to herd, which means they follow others while 
making a financial decision (Fernández et al., 2011). 

Sometimes people make decisions without consider-
ing the new information or are too slow to update 
their views on the same. This type of bias is known 
as conservatism (Grether, 1980). Individuals gener-
ally cling to their previous views and do not make 
decisions acknowledging the new information 
(Pompeian, 2006). Investors high on conservatism 
bias tend to underreact to new information due to 
the lack of ability to evaluate complex information, 
clinging to the forecast or are slow to react to new 
information (Juneja, 2020). Asian countries have 
investment biases like overconfidence and conserv-
atism (Lim, 2012). Conservatism bias is one of the 
reasons why markets underreact to information. 
Individuals with a bad experience in the market, like 
a market crash, are more likely to have a conserva-
tism bias (Shefrin, 2000). 

Individuals with higher self-efficacy would not shy 
away from taking up a difficult task, as they treat it 
like a challenge rather than a threat. This initial re-
action of an individual will guide his future behav-
ior. Bandura (1978) discussed the well-being of an 
individual in his seminal work on self-efficacy. Self-
efficacy is an individual’s belief in their achievements 
and ability to use their skills in critical situations. 
Self-efficacy theory suggests that individuals will not 
effectively participate in those activities for which 
their self-efficacy is low (Van der Bijl & Shortridge-
Baggett, 2002). 

The concept of self-efficacy is applied in finance and 
is known as financial self-efficacy. A higher level 
of financial self-efficacy helps people make better 
financial decisions and strengthen their ability to 
bear financial difficulties easily (Bandura, 1994). 
Financial self-efficacy would make them more con-
fident in their skills when making financial deci-
sions (Noman et al., 2020). Individuals with high 
self-efficacy will update new information in the 
market effectively, which will not be the same as bi-
ased individuals.

The pandemic has threatened people’s financial 
insecurity and impacted their financial behavior 
(Randi et al., 2021). The entire world is affected by 
COVID-19, but the impact of the pandemic differs 
from country to country (Kathpal et al., 2021). 

Hence understanding the various biases faced by 
individuals in India is of utmost importance, es-
pecially when they are jobless during and after the 
pandemic. Unsteady income causes fear and stress 
among people and may further increase biases. 
Individuals may herd or cling to old information 
that impacts their financial behavior. The current 
study examines the role of herding and conserv-
atism biases on the financial behavior of salaried 
class individuals. In addition, it also examines the 
role of financial self-efficacy in weakening the im-
pact of herding and conservatism biases on finan-
cial behavior. While there have been past studies 
discussing the impact of biases on the financial be-
havior of individual investors, the mediating effect 
of self-efficacy has not been studied in detail, espe-
cially in the context of Indian salaried-class inves-
tors. Most of the studies have been on secondary 
data, and there is a paucity of research that analyz-
es cognitive biases using primary data. The effect 
of conservatism bias on financial behavior during 
the pandemic is also under-researched. The study 
examines the role of cognitive biases like herding 
and conservatism on the financial behavior of sal-
aried-class individual investors.

The following are the hypotheses of the study.

H
1
: Conservatism bias affects the financial be-

havior of salaried-class individuals.

H
2
: There is a significant impact of herding 

on the financial behavior of salaried-class 
individuals.

H
3
: Financial self-efficacy of salaried investors 

mediates the relationship between conserva-
tism biases and financial behavior.

H
4
: Financial self-efficacy of salaried-class indi-

viduals mediates the relationship between 
herding biases and financial behavior.

2. METHODOLOGY 

The study was descriptive, and the data were col-
lected using a structured questionnaire. The study 
population comprised of individuals living in 
Bengaluru, India. The researchers used purposive 
sampling to collect the data. To be eligible, the in-
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dividual should be a white-collar salaried employ-
ee with one year of experience in investing, as they 
form a majority of the financially active popula-
tion in the economy (OECD, 2021), and their fi-
nancial behavior differs due to a regular and fixed 
income (Thakur, 2018). 

The researchers contacted 763 salaried class in-
vestors living in Bangalore and received 500 com-
plete responses from individuals from different 
socio-demographic backgrounds. The sample 
size is determined by using the rule of thumb that 
suggests a sample of more than 200 is adequate to 
ensure sample adequacy (Hoe, 2008; Singh et al., 
2016). The final dataset also satisfied the ten times 
rule, which suggests that a sample of more than 
ten times the number of items is considered ad-
equate (Barclay et al., 1995; J. Wang & X. Wang, 
2019). The total number of items is 27; hence, the 
sample of more than 270 is considered adequate.

The questionnaire has four sections. Sections 
one, two, three and four analyzed conservatism 
bias, herding bias, financial self-efficacy and fi-
nancial behavior, respectively, and assessed with 
a five-point Likert scale. Section five examined 
the socio-demographic characteristics of the re-
spondents, like age, gender, and income. Herding 
bias and conservatism bias are measured using es-
tablished scales (Waweru et al., 2008; Pompeian, 
2006). A unidimensional six-item scale is used 
to measure the financial self-efficacy of investors 
(Lown, 2011). Financial behavior is measured on a 
15-item scale (Nye & Hillyard, 2013).

43.1% of the sample belonged to the age group 
of 21 to 40 years, while 25.6% of the respondents 
were from the age group between 41 to 50. The rest 
31.3% of the respondents were between the age of 
51 to 60. 58.0% of the sample were males, while 

42.0% were females. The maximum number of re-
spondents, i.e., 52%, were in the income bracket 
of 11 to 20 lakhs, followed by 31% in the range of 
21 to 30 lakhs. Only 17% of the respondents were 
from fewer than ten lakhs. The data was collected 
online for three months. 

3. RESULT

First, the distribution of the variables was ana-
lyzed (Table 1). The skewness and kurtosis values 
were between –3 and +3; hence, the data are con-
sidered to be normally distributed (Kline, 2005). 

Table 1. Descriptive statistics

Variable N Mean Std. Deviation Skewness Kurtosis
HERD 500 2.76 1.15 .105 –1.55

CONS 500 2.68 1.09 .152 –1.64

FSE 500 3.19 .769 –.048 –.692

FB 500 3.0 .848 –.098 –1.24

Before testing the hypotheses, the researchers 
analyzed if financial behavior varies on the demo-
graphic factors of age, income and gender (Table 2). 
A One-way ANOVA is used to test whether finan-
cial behavior varies on age and income. Financial 
behavior is found to vary significantly with age (M 
= 3.2, S.D = 0.79 F = 203.24), income = (M = 3.22, 
S.D = 0.798 F = 148.75) and gender (M = 3.61, S.D 
= .5601 t = 16.21).

Table 2. ANOVA

No. Variable Test Test Statistic Sig.

1 Age One-way ANOVA 203.24 .000

2 Income One-way ANOVA 148.755 .000

3 Gender t-test 16.21 .000

Pearson correlation analyzes the relationship be-
tween the independent, mediating and depend-

Table 3. Correlation matrix

Variables Test Conservatism Herding Financial self-efficacy Financial behavior

Conservatism
Pearson Correlation 1 – – –

Sig. (2-tailed) – – – –

Herding
Pearson Correlation .924 1 – –

Sig. (2-tailed) .000 –.534 – –

Financial self-efficacy
Pearson Correlation –.374 –.440 1 –

Sig. (2-tailed) .000 .000 –

Financial behavior
Pearson Correlation –.603 –.704 .621 1

Sig. (2-tailed) .000 .000 .005
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ent variables. There is a moderate negative corre-
lation between conservatism (r = –.603 p < 0.05) 
and herding (r = –0.704, p < 0.05), while financial 
self-efficacy correlates positively with financial be-
havior (r = .621, p < 0.05).

The correlation analysis suggests that increasing 
biases results in imprudent financial behavior. On 
the other hand, as individuals’ self-efficacy level 
increases, it results in favorable financial behavior. 
On the other hand, biases have a negative relation-
ship with financial self-efficacy. With every unit 
increase in financial self-efficacy, the conserva-
tism and herding bias would decrease. 

The next step was to test the hypotheses of the 
study. R-PLS was used to examine the hypotheses. 

3.1.	Model	1

Model 1 will test the below hypotheses. 

H
1
: Conservatism bias affects the financial be-

havior of salaried-class individuals.

H
3
: Financial self-efficacy of a salaried-class in-

dividual mediates the relationship between 
conservatism biases and financial behavior.

The first model consists of three variables such as 
conservatism (C), financial self-efficacy (F.S.E.), 
and financial behavior (F.B.).

3.1.1. Measurement model (C-FSE-FB)

The instrument is tested for reliability with the 
help of Cronbach’s alpha value, DG.rho and eigen-
values. The results of the reliability are shown be-
low(Table 4).

Table 4. Internal consistency reliability (C-FSE-FB)

Variables C.alpha DG.rho eig.1st eig.2nd

C 0.872 0.940 1.77 0.227

FSE 0.846 0.887 3.41 0.810

FB 0.818 0.880 2.59 0.659

The Cronbach’s alpha value of conservatism 
(0.872), financial self-efficacy (0.846) and finan-
cial behavior (.818) are above the threshold value 
of 0.7. The values of DG.rho of conservatism bias, 
financial self-efficacy and financial behavior are 

0.940, 0.887 and 0.880, respectively, which are al-
so above 0.7. Finally, the first eigenvalues are above 
one, and the second eigenvalues are less than one. 
After checking the reliability of the scales, the next 
step is to check the validity. 

Table 5. Validity of scales  (C-FSE-FB )

Variables
Fornell-Larcker values AVE

C F.S.A. FB Values

C 0.941 0.886 

FSA –0.452 0.753 0.568

FB –0.694 0.627 0.804 0.647

Convergent and discriminant validity are used to 
analyze the validity of the scales. The values of 
AVE are used to examine the convergent validi-
ty. The AVE values of conservatism bias (0.886), 
financial self-efficacy (0.569) and financial be-
havior (0.647) are above the acceptable value of 
0.5. Discriminant validity is established as there 
are no cross-loadings. The discriminant validity 
is also tested with Fornell-Larcker values. It is 
calculated by taking the square root of the AVE. 
The values of conservatism bias (0.941), financial 
self-efficacy (0.753) and financial behavior (0.804) 
are more than their correlation values. Hence it 
can be inferred that the model had discriminant 
validity. 

3.1.2. Analysis of the structural model (C-FSE-FB)

The next step was to examine the inner model. The 
data set comprised 500 respondents, and bootstrap-
ping was performed on 5,000 samples. The coeffi-
cient of determination is shown below (Table 6). 

Table 6. Coefficient of determination (C-FSE-FB)

Variables Original
Mean. 

Boot
Std. 

Error perc.025 perc.975

FSA 0.205 0.210 0.0341 0.141 0.273

FB 0.605 0.609 0.0259 0.551 0.657

The R2 value for financial self-efficacy is 0.205, 
which implies that the model can predict 20.5% 
of the variance in financial self-efficacy. The R2 
value for financial behavior is 0.605, suggesting 
that the model can predict 60.5% of financial be-
havior. The bootstrapping results indicate that 
the model can predict 21.0% of the variance in 
financial self-efficacy and 60.9% in financial 
behavior.
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The total effect size of the direct-indirect paths 
between the dependent and the independent var-
iables are analysed (Table 7). Conservatism has 
a significant indirect effect (–0.178) on financial 
behavior, while the total effect is –0.694. The to-
tal effect on conservatism is 0.452. The path from 
financial self-efficacy is significant, and the effect 
size is 0.394. The mediation model is shown in 
Figure 1.

The analysis proved that conservatism bias impacts 
an individual investor’s financial behavior and is 
mediated significantly by financial self-efficacy. 

3.2.	Model	2

Model 2 will test the below hypotheses. 

H
2
: There is a significant impact of herding 

on the financial behavior of salaried-class 
individuals.

H
4
: Financial self-efficacy of a salaried-class in-

dividual mediates the relationship between 
herding and financial behavior.

3.2.1. Measurement model (H-FSE-FB)

The instrument is tested for reliability with the 
help of Cronbach’s alpha value, DG.rho and eigen-
values (Table 8).

Table 8. Internal consistency reliability (H-FSE-FB)

Variables MVs C.alpha DG.rho eig.1st eig.2nd

H 4 0.862 0.906 2.83 0.534

FSE 6 0.846 0.887 3.41 0.810

FB 4 0.818 0.880 2.59 0.659

The alpha value of herding (0.862), financial 
self-efficacy (0.846) and financial behavior (.818) 
is above the threshold value of 0.7. The values of 
DG.rho of herding, financial self-efficacy and fi-
nancial behavior are 0.906, 0.887, and 0.880, re-
spectively, which is also above 0.7. Finally, the first 
eigenvalue is above one, and the second is less 
than one under the acceptable limits. After check-
ing the reliability of the scales, the next step is to 
check the scales’ validity. 

Table 9. Validity of scales (H-FSE-FB)

Variables
Fornell-Larcker values AVE

H F.S.A. FB Values

H 0.841 – – 0.708

FSA –0.444 0.754 – 0.569

FB –0.704 0.627 0.804 0.647

The AVE values of herding (0.708), financial self-ef-
ficacy (0.569) and financial behavior (0.647) are 
above the acceptable limits of greater than 0.5. 
Discriminant validity is determined as there were 
no cross-loadings. The discriminant validity is al-
so tested with Fornell-Larcker values. It is calcu-
lated by taking the square root of the AVE. The 
values of herding (0.841), financial self-efficacy 

Table 7. Total effect size (C-FSE-FB) 

Relationships Direct Indirect Total Mean. boot Perc.025 Perc.975

C → FSE –0.452 0.000 –0.452 –0.456 –0.522 –0.375

C → FB –0.516 –0.178 –0.694 –0.695 –0.747 –0.640

FSE → FB 0.394 0.000 0. 394 0.395 0.318 0. 465

Figure 1. Mediation model (C-FSE-FB)

FSE FB

C

0.3908

–0.4523 –0.5156
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(0.754) and financial behavior (0.804) are more 
than their correlation values. 

3.2.2. Analysis of the structural model (H-FSE-FB)

The next step was to examine the inner model. The 
data set comprised 500 respondents, and boot-
strapping was performed on 5,000 samples. 

The R2 value for financial self-efficacy is 0.197, 
which implies that the model can predict 19.7% of 
the variance in financial self-efficacy. The R2 value 
for financial behavior is 0.619, suggesting that the 
model can predict 61.9% of financial behavior. The 
bootstrapping results indicate that the model can 
predict 20.1% of the variance in financial self-ef-
ficacy and 62.2% in financial behavior (Table 10). 

The total effect size of the direct-indirect paths be-
tween the dependent and the independent varia-
bles are analysed (Table 11). Herding has a signifi-
cant indirect effect (–0.174) on financial behavior, 
while the total effect is –0.704. The total effect on 
herding is 0.444. The path from financial self-effi-
cacy is significant, and the effect size is 0.391. Figure 
2 shows the mediation model of herding, financial 
self-efficacy and financial behavior of an investor. 
The mediation model is shown in Figure 2. 

4. DISCUSSION

COVID-19 has affected not only the physical and 
mental well-being of an individual, but also af-
fected employment situations in many countries. 
Jobs and businesses were affected due to COVID 
worldwide, and India is one of the nations impact-
ed the most. Around 60% of people could not go 
to work due to a significant decline in economic 
activities in India (OECD, 2020). Even after the 
lockdown ended, reemployment was a challenge, 
and it changed people’s financial behavior (Luo 
et al., 2020). Uncertainties during the lockdown 
were the reason for the high volatility in the mar-
kets during the pandemic, as various biases cloud-
ed the judgement of the individuals (Kathpal & 
Siddiqui, 2021). The current study found a statis-
tically significant relationship between conserva-
tism bias, herding bias and financial behavior of 
Indian salaried-class individuals. Moreover, fi-
nancial self-efficacy has significantly mediated the 
relationship between conservatism bias, herding 
bias and financial behavior.

The conservatism bias of Indian salaried-class 
individuals negatively impacts their financial be-
havior. Conservatism bias has an adverse effect 
on people’s decision-making capacity, as they 

Table 10. Coefficient of determination (H-FSE-FB)

Variable Original Mean. Boot Std.Error perc.025 perc.975

FSA 0.197 0.201 0.0343 0.137 0.269

FB 0.619 0.622 0.0246 0.572 0.668

Table 11. Total effect size (H-FSE-FB) 

Relationships Direct Indirect Total Mean. boot Perc.025 Perc.975

H → FSE –0.444 0.000 –0.444 –0.446 –0.519 –0.370

H → FB –0.531 –0.174 –0.704 –0.705 –0.751 –0.657

FSE → FB 0.391 0.000 0. 391 –0.392 0.321 0. 461

Figure 2. Mediation model (H-FSE-FB)

FSE FB

H

0.3908

–0.4443 –0.5307
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do not have a prompt reaction to new informa-
tion, which clouds their judgement (Juneja, 2020). 
During the pandemic, individuals in India were 
slow to react to new information and suffered 
from conservatism bias. The fear of the unknown 
makes them stick to old information, affecting 
their decision-making capacity (Shankar, 2022). 
Investors fail to upgrade their notions, which sig-
nificantly affects financial behavior, and this in-
creases in times of uncertainty (Altig et al., 2020). 
Conservatism causes investors to underreact (Luo, 
2012) and is detrimental to their financial behav-
ior, and analytical reasoning can rectify it (Hoppe 
& Kusterer, 2011). Only a few studies have focused 
on conservatism bias in Asian countries and its 
impact on financial behavior (Bakar & Yi, 2016; 
Rahim et al., 2019). Conservatism bias restricts 
individuals from acting promptly on new infor-
mation, and this is amplified during the pandem-
ic. During COVID-19, individuals leaned towards 
the information or data which supported their pri-
or beliefs. They further surround them with peo-
ple and news that validate their beliefs. The main 
motive for witnessing such behavior is to reduce 
risk in uncertain situations (Wang & Young, 2020).

Herding has a negative impact on the financial be-
havior of salaried-class Indian individuals. It im-
plies that people with herding bias cannot make 
prudent financial behavior. Herding often increas-
es during panic, fear and uncertainty (Yousaf et 
al., 2018). COVID-19 shocked investors, as indi-
viduals have never seen such health crises (Liu et 
al., 2020). The fear of the pandemic has exposed 

the vulnerabilities of financial markets, especially 
in emerging economies. The markets have never 
seen extreme volatility and have amplified herd-
ing (Baker et al., 2020). Investors in emerging 
markets are less experienced, struggle to get infor-
mation, and have insufficient financial knowledge 
(Pattnaik et al., 2013). These induce herding in a 
crisis and cause dire financial consequences (Chen 
et al., 2014). The results suggested that the herding 
among the individuals magnifies fear, stress, anx-
iety and uncertainty. The results align with other 
studies in the same area (Balcilar & Demirer, 2015; 
Dhall & Singh, 2020). Financial self-efficacy is the 
key to making effective financial decisions, and 
eventually, it changes people’s financial behavior 
(Qamar et al., 2016). Individuals with a higher lev-
el of financial self-efficacy may weaken the effect of 
conservatism and herding bias on financial behav-
ior. Financial self-efficacy helps incorporate all the 
information, safeguard investors from conserva-
tism bias, and make effective financial decisions. 

The mediation effect was negative, meaning that 
with an increase in financial self-efficacy, the im-
pact of biases will reduce, resulting in better fi-
nancial behavior. Financial self-efficacy improves 
the investors’ ability to make better financial de-
cisions. Investors with a higher level of financial 
self-efficacy believe in their ability to organize and 
implement the course of action and will have less-
er biases (Forbes & Kara, 2010). It also assists in-
vestors in making better financial decisions like fi-
nancial planning (Topa et al., 2018) and saving be-
havior (Ismail et al., 2017; Magendans et al., 2017).

CONCLUSION

The study aimed to examine the role of herding and conservatism biases on the financial behavior of 
Indian salaried-class individuals. In addition, the study also measured the effect of financial self-efficacy 
on the financial behavior of salaried-class Indian individuals. The study highlighted that herding and 
conservatism bias negatively affect individual financial behavior. Financial self-efficacy weakens the 
effect of conservatism bias, herding bias on financial behavior. 

While Indian salaried-class investors are affected by cognitive biases like conservatism bias and herding, 
a higher level of financial self-efficacy reduces the biases among the investors leading to wise financial 
decisions. In comparison, a lower level of financial self-efficacy would push the investors to herd, cling 
to their prior beliefs, and suffer from conservatism bias. The study results will help salaried-class in-
dividuals understand biases’ role in imprudent financial behavior. The policymakers and the govern-
ment should focus on improving the investors’ financial self-efficacy to help them make wise financial 
decisions. A study on behaviors has its limitations. While researchers tried to minimise response bias, 
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the same cannot be ruled out completely. The study is based on perception data, and while the meth-
od is acceptable, establishing the causal relationship would require further study. The study only dis-
cusses the effect of two biases on the financial behavior of a salaried-class individual, other biases like 
overconfidence, loss aversion, and regret aversion should be analyzed too. The study only focuses on 
salaried-class individuals, and studies can be conducted on financial behavior of self-employed/busi-
ness-class individuals. Factors such as emotions, financial literacy, personality, and stress were not part 
of the study and should be explored by other researchers. 
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