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SHORT-TERM FOREIGN
EXCHANGE FORECASTING:
DECISION MAKING BASED
ON EXPERT POLLS

Abstract

The paper aims to analyze the decision making based on expert polls for short-term
foreign exchange (FX) forecasting from the viewpoint of the economic behavior theory.
The paper offers the assessment of the problem of decision making for forecasting and
investment into foreign currency. This study analyzes the relative accuracy of expert
polls and forecasts, based on historical data, in the prediction of the most liquid cur-
rency pairs (EUR/USD, USD/JPY, GBP/USD) as well as USD/RUB currency pair on
time horizons 1, 2, 6, and 12 months. Observation period lasted from January 2018 to
January 2019. For EUR/USD (56-62 experts), the polls were more accurate than his-
torical simulations. For GBP/USD (28-70 experts), historical simulations were more
accurate than polls. For USD/JPY and USD/RUB, historical simulations are better ear-
lier, while polls are slightly better later. The main conclusion is that EUR/USD histori-
cal modeling is usually less accurate on the horizon more than half a year as compared
with expert polls for making the decisions about the future exchange rate.

Keywords foreign exchange forecasting, expert polls, FX modeling,

mean absolute error, decision making under uncertainty,
FX investment

JEL Classification Gi11, D81, D84

INTRODUCTION

Many market participants are interested in being able to predict fur-
ther exchange rate direction. Whether it is a large company or an indi-
vidual, a currency forecast is significant for minimizing the risks and
increasing the profits. The paper describes the expert polls for short-
term currency forecasting.

Purchasing Power Parity (PPP) principle is based on the theoretical
law of one price, according to which identical products in different
countries should have the same price. For example, according to this
rule, a pencil in Canada should cost as much as the same pencil in the
United States, taking into account the exchange rate and excluding the
costs of exchange and transportation.

Graefe (2018) proposed a structured approach to combining the fore-
casts based on various types of methods. His approach is correct in
predicting the majority of possible political events.

This article intends to compare the accuracy of expert research and
mathematical modeling for forecasting the currency exchange rates.

There are the papers about smoothing fluctuations in the accuracy of

expert research and mathematical modeling, which is consistent with
the professional opinion.
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The problem is that in the unstable economic situation, the value of a structured approach to combining

the forecasts is based on various types of methods.

In addition, researchers are very conservative about large changes and took into account all the accu-
mulated knowledge of the situation. A structured approach to combining the forecasts from different
methods using different strategies can be a solution to this problem. Many researchers find the relation-
ship between the majority of possible political events and the economic assets in different countries.

1. LITERATURE REVIEW

The methodological basis of the analysis is the con-
tinuation of the theory of Multi-Criteria Decision
Making (MCDM) and Analytical Hierarchy
Processing (AHP). In particular, investors, ad-
visors, are and society the main groups of actors
contributing to this goal (Cooper & Priestly, 2009).

The decision making under uncertainty can
be based on Multi-Criteria Decision Making
(MCDM) in the best way (Buetzer, Habib, &
Stracca, 2012).

It should also apply the methods for determining
the investor’s decision making (Buetzer, Habib, &
Stracca, 2012).

The theory of Multi-Criteria Decision Making
(MCDM) suggests that the optimal decision
should positively depend on several group of deci-
sions (Meynkhard, 2019; Backus & Crucini, 2000;
Baumeister & Peersman, 2008).

What method is better to use for risk choice: ex-
pert polls or historical modeling? The last research
findings regarding the reliability of expert sur-
veys can give more accurate results for the fore-
cast, which includes more information (Cooper &
Priestly, 2009).

For example, in forecasting the political events,
the expert judgment was used much earlier than
mathematical models (Kernell, 2000; Silver, 2017).
However, FX rate forecasters do not know much
about the relative errors of expert surveys for dif-
ferent periods (Na. Morozko, Ni. Morozko, &
Didenko, 2018a, 2018b).

Studies on the method of expert polls in various

fields of application show that expert knowl-
edge is really limited in forecasting under un-
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certainty. Expert estimates of exchange rates are
sometimes even less accurate than simple statis-
tical models, for example, random walk models
(Armstrong, 1980).

At the same time, expert assessments are useful
and give good results if experts have their fore-
casting experience in various market situations
(Green, Graefe, & Armstrong, 2011).

Forecasting the exchange rates does not always
meet these requirements. It allows the analysts
to learn about the errors of judgment and bias of
individual experts (Singer, 2007; Farzanegan &
Markwardt, 2009; Olomola & Adejumo, 2006).

Macroeconomic experts can use extensive math-
ematical, statistical approaches as well as empir-
ical data. For example, many studies have shown
that surveys tend to reduce the forecast accuracy
when lengthening the forecast horizon (Graefe,
2018), and as the forecast date approaches, in the
absence of strong shock fluctuations in the foreign
exchange market, many surveys become more ac-
curate. In the last century, the researchers proved
it for many types of political events (Riker, 1982).

Forecasts are heavily influenced by structural fac-
tors as well as the state of the economy, cyclical
correlation of market indicators, changes in the
availability and attractiveness of currency pairs
for speculators, the growth of algorithmic trading,
the degree of intervention by regulators and the
frequency of significant events (Graefe, Armstrong,
Jones, & Cuzén, 2014). These factors can be includ-
ed in the mathematical model. However, aggregat-
ed results are subject to different types of errors
(Biemer, 2010; Groves & Lyberg, 2010).

Often the empirical error of expert polls far ex-
ceeds the sampling error (Armstrong, Green, &
Graefe, 2015; Buchanan, 1986).

http://dx.doi.org/10.21511/imfi.16(4).2019.19
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As an example, polls that were devoted to presi-
dential elections in the United States for a week
or even a month were the least accurate (Shirani-
Mehr, Rothschild, Goel, & Gelman, 2018).

The study presents the empirical data for a rea-
sonable answer to the question about the meth-
od of expert estimates, and the relative accuracy
of the analysis of expert estimates based on the
forecasts of EUR/USD, USD/JPY, GBP/USD and
USD/RUB exchange rates for various short-term
periods. Many researchers use the same method
for oil price forecasting (An, Mikhaylov, Lopatin,
Moiseev, Richter, Varyash, Dooyum, Oganov,
& Bertelsen, 2019a; An, Mikhaylov, & Moiseev,
2019b; Denisova, 2019; Denisova, Mikhaylov, &
Lopatin, 2019).

To assess the quality of the survey results, the
following indicators were calculated: median,
SmartEstimate (Thomson Reuters model), pre-
dicted surprise, average value, mode, standard de-
viation. This statistic is an objective assessment of
expert opinions (Zubakin, Kosorukov, & Moiseev,
2015; Tryndina, Moiseev, Lopatin, Prosekov, &
Kejun, 2020).

Over the past decades, macroeconomists have de-
veloped many quantitative models to predict the
exchange rate. There is a huge number of meth-
ods based on the analysis of historical data that al-
lows us to predict the behavior of a currency pair
(Moiseev, 2017¢c; Moiseev & Akhmadeev, 2017).

However, such a large number is most likely re-
lated to the relatively equal effectiveness of each
of the methods (Nyangarika, Mikhaylov, & Tang,
2018; Nyangarika, Mikhaylov, & Richter, 2019a,
2019b).

At the same time, they usually forget about expert
polls as a reliable method of forecasting. However,
this article will focus on comparing the method
of expert polls with the mathematical method of
forecasting the exchange rates (Lopatin, 2019a;
Meynkhard, 2019).

In addition, several models are based on the effect
of memory, when the current price is the basis
for forecasting future prices (Mikhaylov, 2018a;
Graefe, Kjchenhoff, Stierle, & Ried]l, 2015).

http://dx.doi.org/10.21511/imfi.16(4).2019.19

2. METHODS

Expert judgment forecasts regarding the dynam-
ics of currency pairs EUR/USD (Euro/US dol-
lar), USD/JPY (US dollar/Yen), GBP/USD (British
Pound/US dollar) and USD/RUB (US dollar/
Russian ruble) from January 31, 2018 to January
31, 2019 were collected over time horizons of 1, 3,
6, 12 months from Thomson Reuters.

Thomson Reuters periodically interviews the rep-
resentatives of investment banks and research
centers relative to the target level of exchange
rates. Ratings of all participants in these 16 sepa-
rate polls are presented in Appendix.

The expert group consists of financial analysts
and researchers. The composition of the partici-
pants in each poll varies. The number of private
traders have ranged from 28 to 70 people. Some
experts participated only in the polls regarding
the dynamics of the EUR/USD pair; others par-
ticipated in the polls on 4 four currency pairs.

The standard deviation of estimates is different
and varies on average in the range from 2 to 7 per-
cent. The average number of experts for another
round of polls is 54 people.

Usually, when constructing an econometric
model, values from economic theory are used
(Dorofeyev, 2018). However, any variable that
has a strong influence on the exchange rate can
be added to the calculations. This econometric
model is as follows:

Rate(lY)=aX+bY+cZ+d.

Without going into details regarding the princi-
ples of constructing an equation, after obtaining
the model, one can simply substitute the variables
X, Y, Z and get the necessary forecast. The co-
efficients @, b and ¢ determine how strongly
each of the listed factors influences the exchange
rate and the direction of movement (depending on
whether the coefficient value is negative or posi-
tive), d — mean absolute error (see Appendix).

This work uses the materials from the Economic

Forecasting Agency (EFA) from the official page
www.longforecast.com. EFA specializes in long-
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term financial market rates for corporate clients. 3. RESULTS

EFA uses the mathematical and statistical meth- The results of the forecast based on historical da-
ods of prediction based on historical data, which ta were compared with empirical data. Then, the
take into account the following factors with var- accuracy of the above model was compared with
ying level of import prices: cyclic recurrence, cor- empirical indicators in the same way. As a result,
relation of market indicators, changes in the avail- a comparison was made of the average errors of
ability and attractiveness of the instrument for these methods.

speculators, electronic and algorithmic trading

growth, regulatory intervention risk, and frequen- For many currency pairs and horizons, there were
cy of significant events over time like it was wrote no expert polls of the study, so the number of re-
before (Mikhaylov, 2018b; Mikhaylov, 2019). spondents for each poll varies.
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Figure 1. Mean absolute error of expert polls and forecasts EFA against
the real rate EUR/USD (1, 3, 6 months and 1 year)
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Figure 4. Mean absolute error of expert polls and forecasts EFA against
the real rate RUB/USD (1, 3, 6 months and 1 year)

Expert polls inaccuracy has been observed due to
comparing the errors of experts on different time
horizons. Figure 1 shows a comparison of the av-
erage absolute error (MAE) of forecasts obtained
by the method of expert estimates and the method
of mathematical modeling for EUR/USD over four
time horizons.

The results were mixed for all four MAE currency
pairs of expert forecast (in percent) for 1 month —
from 1.1 to 2.2, for 3 months — from 2.0 to 3.8, for 6
months — from 2.6 to 9.2, for 12 months - from 3.4
t0 6.9.

MAE mathematical model EFA for 1 month is from
0.3 to 1.15, for 3 months — from 1.1 to 2.8, for 6
months - from 3.9 to 8.7, for 12 months - from 4.2
to 8.5.

The method of expert estimates gives a higher accu-
racy when forecasting the exchange rates for a period
of 1 year and more. This, of course, does not mean
that mathematical models should be ignored when
forecasting the exchange rates for a period of 1 year
and more.

Attempting to find a better prediction method
is usually not warranted. The reason for the in-
accuracy of the application of the method of ex-
pert assessments is that it is necessary to form
a circle of experts more purposefully and apply
a ranking of expert evaluations depending on
historical accuracy.

4. DISCUSSION

The analysis presented in this article is based on
small selection of expert forecasts (N = 28 to 70), col-
lected over 1-year period. Further research on vari-
ous types of financial instruments will help to learn
more about the relative accuracy of the method of
expert estimates and the shortcomings of expert
judgment in forecasting of the exchange rate (Slepov,
Kosov, Burlachkov, Grishina, & Sakharov, 2019;
Slepov, Burlachkov, Danko, Kosov, Volkov, Grishina,
& Sekerin, 2017a; Slepov, Burlachkov, Danko, Kosov,
Volkov, Ivolgina, & Sekerin, 2017b).

This study presents the evidence of the accuracy of
expert judgment in predicting the exchange rates
compared to historical modeling. The results suggest
that experts lose the mathematical models on the ho-
rizon of up to 6 months inclusive. At the same time,
they are ahead of mathematical modeling on the
horizon of 1 year and presumably longer (Moiseev,
2017a; Moiseev, 2017b; Moiseev & Sorokin, 2018).

Combining the expert polls may reduce the expert
method error. This is a topic for future research.
Experts in any field should refrain from attention the
specifics of the situation (Lopatin, 2019b; Meynkhard,
2020). In addition, they should be conservative about
large changes and take into account all the accumu-
lated knowledge of the situation (Armstrong et al.,
2015). A structured approach to combining the fore-
casts from different methods using different strate-
gies can be a solution to this problem.

CONCLUSION

The authors found out that EUR/USD historical modeling is usually less accurate on the horizon more
than half a year as compared with expert polls for making the decisions about the future exchange rate.

http://dx.doi.org/10.21511/imfi.16(4).2019.19

219



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

This result proves the findings of several researchers (Sigarev, Kosov, Buzdalina, Alandarov, & Rykova,
2018; Osipov, Skryl, Blinova, Kosov, Zeldner, & Alekseev, 2017).

If one uses a simple mean, then the combined forecast will be more accurate than the average error
of the individual forecast as it was found by Armstrong (2001). Experimental studies have shown the
preferences of combined forecast like the researchers before (Larrick & Soll, 2006; Soll & Larrick, 2009).
Secondly, it is extremely difficult in most practical situations to find out in advance which forecast will
be more accurate because historical accuracy is not a guarantee of future accuracy. It proves the findings
in the papers (Na. Morozko, Ni. Morozko, & Didenko, 2018¢, 2018d).

The paper proved the studies, which found a negative relationship between the historical accuracy of
expert polls (Graefe et al., 2018) and mathematical models (Graefe et al., 2015). The results showed that
the average of the two forecasts is more accurate than a separate forecast if the error is less accurate than
the forecast and does not exceed error more than in three times. As noted above, the results regarding
the reliability of expert surveys can give more accurate results for the forecast, which includes more in-
formation. Therefore, in order to improve the accuracy of expert forecasts, we must look for information
that these methods could miss.

ACKNOWLEDGMENT

This work was supported by Hankuk University of Foreign Studies Research Fund.

REFERENCES

An, J., Mikhaylov, A., & Moiseev, Armstrong, J. S., Green, K. C., & 10. Buetzer, S., Habib, M., & Stracca,
N. (2019b). Oil Price Predictors: Graefe, A. (2015). Golden Rule L. (2012). Global Exchange Rate
Machine Learning Approach. of Forecasting: Be conservative. Configurations: Do Oil Shocks
International Journal of Energy Journal of Business Research, Matter? (Working Paper, European
Economics and Policy, 9(5), 2019, 68(8), 1717-1731. https://doi. Central Bank). Retrieved from
1-6. https://doi.org/10.32479/ org/lO.1016/j.jbusres.2015.03.031 https://www.ecb.europa.eu/pub/
ijeep.7597 pdf/scpwps/ecbwp1442.pdf
) ) Backus, D. K., & Crucini, M. J. )
An, J., Mikhaylov, A., Lopatin, (2000). Oil Prices and the Terms 11. Cooper, L., & Priestly, R. (2009).
E., Moiseev, N., Richter, U. H., . Time-varying risk premiums and
of Trade. Journal of International . . .
Varyash, I, Dooyum, Y. D,, . the output gap. Review of Financial
Economics, 50(1), 185-213. .
Oganov, A., & Bertelsen, R. G. https://doi.ore/10.1016/S0022- Studies, 22(7), 2801-2833. https://
(2019a). Bioenergy potential of ps: T8/ Y. doi.org/10.1093/rfs/hhn087
8P 1996(98)00064-6 &

Russia: meth0<.i of evaluating i 12. Denisova, V. (2019). Energy
costs. International Journal of Baumeister, C., & Peersman, G. efﬁciency’as a way to ecological
Energy Economics and Policy, 9(5), (2008). Time-varying effects of oil safety: evidence from Russia
%44—251. https://doi.org/10.32479/ supply shocks on the US Economy. International journal of energy
jeep.8133 http://dx.doi.org/10.2139/ economics and policy, 9(5), 32-37.
Armstrong, J. S. (1980). The ssrn.1093702 https://doi.org/10.32479/ijeep.7903
Seer—Sugkefr theor).f: Th;vzluel of Biemer, P. P. (2010). Total survey 13, Denisova, V., Mikhaylov, A., &
;Xp?rts 18n3 ?ge?:tl;;g' e g(; o8y error: Design, implementation, Lopatin, E. (2019). Blockchain
hftwsey;'de’a‘ r;: e.c Oertr/leye ajom and evaluation. Public Opinion Infrastructure and Growth of
W pt) 0; 1 039 }Iztm.l §/p/wpalwu- Quarterly, 74(5), 817-848. https:// Global Power Consumption.

bg ' doi.org/10.1093/poq/nfq058 International Journal of Energy
Armstrong, J. S. (2001). Buch W Electi Economics and Policy, 9(4), 22-29.
Combining forecasts. In Principles ucd.a?an, A(1986).' 3 elctlon https://doi.org/10.32479/ijeep.7685
of Forecasting: A Handbook for predictions: An empirica
/ & J assessment. Public Opinion 14. Dorofeyev, M., Kosov, M.,

Researchers and Practitioners

(pp- 417-439). Retrieved from
https://link.springer.com/chapte-
r/10.1007/978-0-306-47630-3_19

220

Quarterly, 50(2), 222-227.
Retrieved from https://www.jstor.
org/stable/2748885%seq=1

Ponkratov, V., Masterov, A.,
Karaev, A., & Vasyunina, M.
(2018). Trends and prospects for

http://dx.doi.org/10.21511/imfi.16(4).2019.19



15.

16.

17.

18.

19.

20.

21.

22.

http://dx.doi.org/10.21511/imfi.16(4).2019.19

the development of blockchain
and cryptocurrencies in the digital
economy. European Research
Studies Journal, 21(3), 429-445.
Retrieved from https://ideas.repec.
org/a/ers/journl/vvolumexx-
iy2018iissue3p429-445.html

Farzanegan, M. R., & Markwardt,
G. (2009). The effects of oil price
shocks on the Iranian economy.
Energy Economics, 31(1), 134-151.
http://doi.org/10.1016/j.en-
€c0.2008.09.003

Graefe, A. (2015). Improving
forecasts using equally weighted
predictors. Journal of Business
Research, 68(8), 1792-1799.
https://doi.org/10.1016/j.
jbusres.2015.03.038

Graefe, A. (2018). Predicting
elections: Experts, polls, and
fundamentals. Judgment and
Decision Making, 13(4), 334-344.
Retrieved from https://ideas.
repec.org/a/jdm/journl/v13y-
2018i4p334-344.html

Graefe, A., Armstrong, J.

S., Jones, R.J. ]., & Cuzan,

A. G. (2014). Combining
forecasts: An application to
elections. International Journal
of Forecasting, 30(1), 43-54.
https://doi.org/10.1016/j.ijfore-
cast.2013.02.005

Graefe, A., Kjchenhoft, H., Stierle,
V., & Ried]l, B. (2015). Limitations
of Ensemble Bayesian Model
Averaging for forecasting social
science problems. International
Journal of Forecasting, 31(3),
943-951. https://doi.org/10.1016/j.
ijforecast.2014.12.001

Green, K. C., Graefe, A., &
Armstrong, J. S. (2011).
Forecasting principles. In M.
Lovric (Ed.), International
Encyclopedia of Statistical Science
(pp- 527-534). Berlin Heidelberg:
Springer.

Groves, R. M., & Lyberg, L. (2010).

Total survey error: Past, present,
and future. Public Opinion
Quarterly, 74(5), 849-879. https://
doi.org/10.1093/poq/nfq065

Larrick, R. P, & Soll, J. B. (2006).
Intuitions about combining
opinions: Misappreciation of the
averaging principle. Management

24.

25.

26.

27.

28.

29.

30.

Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

science, 52(1), 111-127. https://doi.
org/10.1287/mnsc.1050.0459

Lopatin, E. (2019). Assessment

of Russian banking system
performance and sustainability.
Banks and Bank Systems, 14(3),
202-211. https://doi.org/10.21511/
bbs.14(3).2019.17

Lopatin, E. (2019).
Methodological Approaches

to Research Resource Saving
Industrial Enterprises.
International Journal of Energy
Economics and Policy, 9(4), 181-
187. https://doi.org/10.32479/
ijeep.7740

Meynkhard, A. (2019). Energy
Efficient Development Model

for Regions of the Russian
Federation: Evidence of Crypto
Mining. International Journal of
Energy Economics and Policy, 9(4),
16-21. https://doi.org/10.32479/
ijeep.7759

Meynkhard, A. (2020). Priorities
of Russian Energy Policy in
Russian-Chinese Relations.
International Journal of Energy
Economics and Policy, 10(1),
65-71. https://doi.org/10.32479/
ijeep.8507

Mikhailov, A. (2018). Pricing

in Oil Market and Using Probit
Model for Analysis of Stock
Market Effects. International
Journal of Energy Economics and
Policy, 4, 43-53. Retrieved from
http://www.econjournals.com/
index.php/ijeep/article/view/5846

Mikhaylov, A. (2018). Volatility
Spillover Effect between Stock and
Exchange Rate in Oil Exporting
Countries. International Journal of
Energy Economics and Policy, 8(3),
321-326. Retrieved from https://
www.econjournals.com/index.
php/ijeep/article/view/6307

Mikhaylov, A. (2019). Oil and
Gas Budget Revenues in Russia
after Crisis in 2015. International
Journal of Energy Economics and
Policy, 9(2), 375-380. https://doi.
org/10.32479/ijeep.6635

Moiseev, N. (2017a). Forecasting
time series of economic processes
by model averaging across data
frames of various lengths. Journal
of Statistical Computation and

31.

32.

33.

34.

35.

36.

37.

38.

Simulation, 87(17), 3111-3131.
https://doi.org/10.1080/00949655.
2017.1359268

Moiseev, N. (2017b). p-Value
adjustment to control type I
errors in linear regression models.
Journal of Statistical Computation
and Simulation, 87(9), 1701-1711.
https://doi.org/10.1080/00949655.
2017.1281278

Moiseev, N. (2017c¢). Linear model
averaging by minimizing mean-
squared forecast error unbiased
estimator. Model Assisted Statistics
and Applications, 11(4), 325-338.
Retrieved from https://content.
iospress.com/articles/model-as-
sisted-statistics-and-applications/
mas376

Moiseev, N., & Akhmadeev,

B. (2017). Agent-based
simulation of wealth, capital

and asset distribution on

stock markets. Journal of
Interdisciplinary Economics,
29(2), 176-196. https://doi.or-
¢/10.1177%2F0260107917698781

Moiseev, N., & Sorokin, A. (2018).
Interval forecast for model
averaging methods. Model Assisted
Statistics and Applications, 18(2),
125-138. Retrieved from https://
content.iospress.com/articles/
model-assisted-statistics-and-
applications/mas427

Morozko, Na., Morozko, Ni., &
Didenko, V. (2018a). Modeling
the process of financing small
organizations. Journal of Reviews
on Global Economics, 7, 774-783.
https://doi.org/10.6000/1929-
7092.2018.07.74

Morozko, Na., Morozko, Ni., &
Didenko, V. (2018b). Unbalanced
liquidity management evaluation
of the Russian banking sector.
Journal of Reviews on Global
Economics, 7, 487-496. https://doi.
org/10.6000/1929-7092.2018.07.45

Morozko, Na., Morozko,

Ni., & Didenko, V. (2018¢).
Determinants of the savings
market in Russia. Banks and
Bank Systems, 13(1), 196-
208. https://doi.org/10.21511/
bbs.13(1).2018.18

Morozko, Na., Morozko, Ni., &
Didenko, V. (2018d). Rationale for

221



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

the development strategy of small
business organizations using the
real options method. Academy

of Strategic Management Journal,
2, 17-27. Retrieved from https://
www.abacademies.org/articles/
rationale-for-the-development-
strategy-of-small-business-orga-
nizations-using-the-real-options-
method-7130.html

39. Nosié, A., & Weber, M. (2010).
How riskily do I invest? The role
of risk attitudes, risk perceptions,
and overconfidence. Decision

Analysis, 7(3), 282-301. https://doi.

org/10.1287/deca.1100.0178

40. Nyangarika, A., Mikhaylov, A.,
& Richter, U. (2019a). Influence
Qil Price towards Economic
Indicators in Russia. International
Journal of Energy Economics, 9(1),
123-129. https://doi.org/10.32479/
ijeep.6807

41. Nyangarika, A., Mikhaylov, A.,
& Richter, U. (2019b). Oil Price
Factors: Forecasting on the Base
of Modified Auto-regressive
Integrated Moving Average
Model. International Journal of
Energy Economics, 9(1), pp. 149-
159. https://doi.org/10.32479/
ijeep.6812

42. Nyangarika, A., Mikhaylov, A., &
Tang, B. J. (2018). Correlation of
Qil Prices and Gross Domestic
Product in Oil Producing
Countries. International Journal
of Energy Economics, 8(5), 42-48.
Retrieved from http://www.econ-
journals.com/index.php/ijeep/
article/view/6802

43. Olomola, P. A., & Adejumo, A.
V. (2006). Oil price shock and
macroeconomic activities in
Nigeria. International Research
Journal of Finance and Economics,
3(1), 28-34.

44. Osipov, V. S., Skryl, T. V.,
Blinova, E. A., Kosov, M. E.,
Zeldner, A. G., & Alekseev, A. N.
(2017). Institutional Analysis of
Public Administration System.
International Journal of Applied
Business and Economic Research,
15(15), 193-203. Retrieved from
https://istina.msu.ru/publications/
article/73723161/

45. Riker, W. H. (1982). The two
two-party of the system and

222

46.

47.

48.

49.

50.

51.

Duverger’s law: of an essay on
the history of Political science.
American Political Science Review,
76(4), 753-766. https://doi.
0rg/10.2307/1962968

Shirani-Mehr, H., Rothschild, D.,
Goel, S., & Gelman, A. (2018).
Disentangling bias and variance
in election polls. Journal of the
American Statistical Association,
113(522), 607-614. https://doi.org/
10.1080/01621459.2018.1448823

Sigarev, A. V., Kosov, M. E,,
Buzdalina, O. B., Alandarov, R.

A., & Rykova, I. N. (2018). The
role of chains in the Russian retail
sector. European Research Studies
Journal, 21(1), 542-554. Retrieved
from https://ideas.repec.org/a/ers/
journl/vxxy2017i3bp542-554.html

Silver, N. (2017, May).
Conventional wisdom may be
contaminating polls. Retrieved
from https://fivethirtyeight.com/
features/conventional-wisdom-
may-be-contaminating-polls/

Singer, E. (2007). Oil

Price Volatility and the US
Macroeconomy: 1983-2006
(Working paper). Minnesota of
USA: Carleton College.

Slepov, V. A., Burlachkov, V. K,,
Danko, T. P, Kosov, M. E., Volkov,
L. L, Grishina, O. A., & Sekerin, V.
D. (2017a). The country’s
economic growth models and

the potential for budgetary,
monetary and private financing
of gross domestic product growth.
European Research Studies Journal,
20(4A), 488-500. Retrieved from
https://ideas.repec.org/a/ers/
journl/vxxy2017i3ap488-500.html

Slepov, V. A., Kosov, M. E,,
Burlachkov, V. K., Grishina, O. A.,
& Sakharov, D. M. (2019). Shadow
banking: Reasons of emergence
and directions of development.
International Journal of Civil
Engineering and Technology, 10(2),
1747-1754.

Slepov, V., Burlachkov, V., Danko,
T., Kosov, M., Volkov, I, Ivolgina,
N., & Sekerin, V. (2017b). Model
for integrating monetary and
fiscal policies to stimulate
economic growth and sustainable
debt dynamics. European Research
Studies Journal, 20(4). Retrieved

53.

54.

55.

from https://ideas.repec.org/a/ers/
journl/vxxy2017i3ap457-470.html

Soll, J. B., & Larrick, R. P. (2009).
Strategies for revising judgment:
How do people use others? Journal
of Experimental Psychology:
Learning, Memory, and Cognition,
35(3), 780-805. Retrieved from
https://www.ncbi.nlm.nih.gov/
pubmed/19379049

Tryndina, N., Moiseev, N., Lopatin,
E., Prosekov, S., & Kejun, J. (2020).
Trends in Corporate Energy
Strategy of Russian Companies.
International Journal of Energy
Economics and Policy, 10(1), 202-
207. https://doi.org/10.32479/
ijeep.8644

Zubakin, V. A., Kosorukov, O.
A., & Moiseev, N. A. (2015).
Improvement of regression
forecasting models. Modern
applied science, 9(6), 344-353.
https://doi.org/10.5539/mas.
vOn6p344

http://dx.doi.org/10.21511/imfi.16(4).2019.19



APPENDIX

Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

FX POLLS

REUTERS POLLS FOR FX

EUR/USD

Download date

February 6, 2019

Effective date

3M

6M

REE

I\/Iedlan

SrnartEs‘termate®
Pred|cted surpnse . . . .

Mean . . . .

MOLE s 200, £ 1:1500 ¢ 21700 ..

Standard deviation o ..1.00128 000240 1 0.0324 i 00427 e

JForward outright e A, 2 L1474 - 11565 L

..MAEpo”S
“Longforecast com

MAE forecast

”1:00237:1:
111180
10.0256

00326::::1,““‘........‘..‘,..,..,..
11230 @ 10530 &
¢ 0.0219 :

0.0482

| 00203

00267

0.0395

00341

0.0761

Contributor

1M

Rank

Contributor data

3M

Rank

1y

Rank

AIB
ANZ Bank

AphaBank

rel BGC

o S )

BMO

e L S

BayernlB

BofAML
CACIB

.CBALtdiffffffﬁffffffffffffﬁffiff.,

:.CIBC

..Q!FSTQHF’. B

Continuum e o B1500 01 11400 AL
L . W
DB BANK

“DekaBank

..DesJard'”SG
DeUtSChe BAN

oldman Sach

IHsscmdg ,,‘,‘jfﬁfIffffiffﬁffffff .

“Helaba ]

ING Fin I\/Ikts

1.1600
N/A

11s00
11.1200

N/A

11600

1.0900

11500 - 11600 - 11800

11500 - 11500

. 12500 -

N/A

.[f11800fff.

WA= 1100 - 11500 - 11700 -

N/A

N

N/A

1.1500

1.1>00

N/A

.11400ﬁffffifﬁfffﬁffﬁfﬁfffff”””'

1.1300

ﬁfﬁNﬁﬁ/ﬁAﬁffffffﬁffffﬁ””"'”'”"'

..99rnm¢,rzb.ank...ﬁffffﬁfffﬁfffffffffﬁfi{i%éddffﬁfffﬁffffﬁ}ﬁfffﬁfffffu.......f

NA T 12200
NA T 10900

. 1 2000. e

LI%0 18 11500 | - 11500 - 11500 18

1150 5 11500 - 11600 - 11900 -

http://dx.doi.org/10.21511/imfi.16(4).2019.19

223



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

India Forex

nformaGiob

B R
JPMorgan
JUUSBAEE s

anasbarki
MUFG
eing
MizuhoSecs
_MonexEurope
Morgan Stanl b
N e

Natixis _

NatlBRCana e B T 11800

lordea Bank

NYKIRAIEMAE s

OCBC
PNCRInSve
R
B

TDAssetMem
uoB

11

FX POLLS

REUTERS POLLS FOR FX

UsD/JPY

Download date

REE

Effective date

3M

February 6, 2019

6M

Median
Smartestimate®

Predicted surprise
T

Jorward OUtright e

# Forecasters

110

L meor
103

102

B T LA
20901

62

110

MOOL 10708

00L
10992 . a0 SO R S S
LSS R S SN S R

10818 10643

61

224

http://dx.doi.org/10.21511/imfi.16(4).2019.19



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

MAEPONS

108.87 . 11186 . 106.67

37931

MAE forecast

Contributor data

Contributor ° 1M | Rank | 3M : Rank | 6M : Rank . 1Y  Rank
ABN Amro Cap S - fo1100 fo110 ¢ - io105 P -
ABNAMOUK e NAL s NAL L NAL S NAL 20
e SO AU SR SN SR <o S SO . SRS ..o S
ANZ Bank 110 - 109 - 106 - 99 -
Alphaank 3075 A1 208 = M0 = M2 =
Aurel BGC 108 109 111 110 -
U B T S S s
BMO e NAL 23209 - 10933 - 10 =
BayernlLB N/A - 113
BOAML o 20727 o 10633
e SO - U SO SO S SO - SO S - A S SO
CBA Ltd N/A - N/A - N/A 17 -
107
T OUD i 107.33
Commerzbank - 110.67 . 109 13 103.33 N
ContinwumeEe 108 17209 =109 o= 207 =

T S I ST N T S N
DZ Bank 109 - 110 -
ek sar T gy g
Eurobnk Erga N/A N/A N/A
Generaliny o NAL s 109108 =105 =
GoldmansSach b N T 108 TpM7 M0 T
Handelshanke s AOTBL 0833 T3 T 200 e T
elaba e 209 S T2 S S L . S
JPRMATKEtS e N Tt N T A AN 12
INGEINMKES s e S - Lo o0
17,
110

0 A T W B T

Intesa Sanpa

nvestee
JPMorgan ...

B WO .- N < LA S
JLandsbankinn i 20Tl -
(LoydsBank .. L0933
MUFG 107 -
MUFGBank NS N s A8 VA T
MaybankInv i VA T 10933
Mizuho Secs 108 107
MonexBurope o 07 - 105 19
Morgan Stanl 109.26 - 107.98 -

NAB e 226 307
NORD/LB i 207 -
NatWest Mark N/A - 115 -
Natbis ... 10005 8 209 - 108 - 106 -
Natl Bk Cana : N/A : 18 : 112 : - i 114.33 3 i 112.67 4

http://dx.doi.org/10.21511/imfi.16(4).2019.19 225



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

Nomura

NordeaBank

OCBC
_PNC Finl
RBC

Rabobank

B
cotiabank

SoceteGene
StGeorgeBa
LS. W
SWEDANK s

D

TDASSEEMBIM

UoB

L
WellsFargo

Westpac

114

N/A

S 1086 -

AL

110

10835 -

109

o - 109

111

109

A0978 T MO

N/A

WAL s

- 109

14 11033

084
ws 3. 18 18
mo

11267 - -

116,

20733

N
108

106 12 105 10

20733 - NAL -

N/A

110

AT T A% T

N/A

33 - NA -

RS NS TS TS i R
108

FX POLLS

REUTERS POLLS FOR FX

GBP/USD

Download date

February 6, 2019

Effective date

3M 6M

REE

Median

Smartestimate®
Predictedsurprise i
Mean

oge

Max

Standard deviation
Forward OUtrignt |
JFOTECSTENS

Longforecast.com

MAE forecast

00021
13
146

00469
13008

_ooseL
1

R
L3179

13236 1348
e 232
L2l

57 .56
124'”

0.0148 0.0095

1.35 .
L3S 13
00015
13487 1

1376 1
00581

L0019

005

Contributor data

Contributor

Rank 3M

6M

ABN Amro Cap

ABNAMIOUK

ANZBank

AlphaBank

Aurel BGC |

BBVA

BMO
BNP Paribas o

BarclysBan

BOIAML
S
COBAL

DZBank

136

13
128
1.2

13
/A

"1

1.32
A
(133
J13t
N/A
Lo
133

1.26

S AT
e B 138
k32

136 S

R

N

138
NA

13

13

138 T
N/A

121 -
125 18 1

133

142

N/A
N/A. LT
1.26 :

226

http://dx.doi.org/10.21511/imfi.16(4).2019.19



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

DANSKEBANK s

“DeSJardl

DeutscheBan
.Eurobnk Erga

Generall

e aba

o‘gm

Julius Baer ffffiIIfffiIIﬁfffffffiffﬁﬁ

LBBW

ILandsbankmnffIIifffiIIﬁffffffffﬂffﬁ”
LloydsBank e

MUFG

MUFGBank
..Maybank'n"

Mizuho Secs

Monexurope
..Morga” stanl

NAB

NORD/B.

“NWM Plc

NetWestMark

Rabobank

EB

SpoBank

.Scohabank

SoceteGene
StGeorgeBa

StanChart

Swedbank

D

TDAssetMgm

uoB

UniCredit
WENISFArgo o

ZKB

dHSGlobal

.“1 24
L 32

132
127
.”1 37 : :

.
131

— ﬁi,.N/A

8 | 13

FX POLLS

REUTERS POLLS FOR FX

USD/RUB

Download date

Effective date

February 6, 2019 § REE
M  3M  6M

..I\/Iedian
“SmartEs ma

Predicted surprlse

65.875 © 65795 .664
66.245 | 66.535
03702 0.7398

" 01656

—0.708

http://dx.doi.org/10.21511/imfi.16(4).2019.19

A NA L3 NAL 1

227



Investment Management and Financial Innovations, Volume 16, Issue 4, 2019

Max

Standarddeviation o
Forwardoutright

eal rate

MAERONS
Longforecast.com

MAE forecast

Mean 66148

Mode i

| 232 52048 38638
6604 6619 6577

1.7720

66.145 . 66253 . 65818 . .

0004 . 0.028 . 0087 0085

Contributor

Contributor data

Rank | 3M

6M

CRA

ANZBank
BNPParibas

Bank GPB.

BOAML

Commerzbank_ O

Finometrica

GoldmanSach o NAL = e o
InformaGlob
JPMorgan

Julius Baer

WoydsBank

MUFG

Monex Europe

Continuum

DanSKeBANK s

Morgan Stanl

Natwesthkts

Nomura

Promsvyazban .

ob

aiffeisen |

Rosbank

SEB

swoBak
SBErBANKCIB
socGen .

_StanChart |

Swedbank

Umcredit

VTB-CapItal )

Wells Fargo

NA

_NA

2.

T -

68

B .

LT

L83

02T T

PR I

=T

65
CNAL 3 NA

LA 6 NA -

NA 10

702

i

CNAL S NA L=
67

O

DN T
66.75

228

http://dx.doi.org/10.21511/imfi.16(4).2019.19



	“Short-term foreign exchange forecasting: decision making based on expert polls”

