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Abstract 

Customer perceptions of smart human–AI service experiences are important for 
understanding how AI-enabled hospitality services influence guests’ behavioral re-
sponses. As hotels integrate artificial intelligence into frontline service encounters, 
understanding how these perceptions shape revisit intention is critical in hospitality 
marketing. This study examines how customer perceptions of smart human–AI ser-
vice experiences affect revisit intention, with pleasure, arousal, and dominance serv-
ing as mediators within the Pleasure–Arousal–Dominance (PAD) framework. It also 
investigates the moderating role of digital literacy. Data were collected from guests 
at four- and five-star hotels in Iraq that offer AI-enabled service experiences. A sam-
pling approach yielded 927 responses, which were analyzed using Partial Least Squares 
Structural Equation Modeling (PLS-SEM). Results show that customer perceptions of 
smart human–AI service experiences significantly enhance pleasure (β = 0.513, p < 
0.001), arousal (β = 0.529, p < 0.001), and dominance (β = 0.412, p < 0.001), but have 
no significant direct effect on revisit intention. Mediation analysis indicates that plea-
sure and dominance significantly mediate this relationship, whereas the indirect effect 
through arousal is not significant. Digital literacy exhibits differentiated moderating 
effects by strengthening the pleasure–revisit intention relationship, showing no sig-
nificant effect on the arousal–revisit intention relationship, and weakening the domi-
nance–revisit intention relationship. This study contributes to hospitality marketing by 
demonstrating that smart human–AI service experiences influence revisit intention 
primarily through emotional responses rather than directly. The findings show that 
digital literacy varies across emotional dimensions, offering practical guidance for de-
signing customer-centered, AI-enabled hospitality services more effectively.
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INTRODUCTION

Over the past few years, the hospitality industry has rapidly transi-
tioned toward AI-enabled service environments, in which artificial in-
telligence has become an essential component of service delivery. AI 
applications, including conversational agents, intelligent recommen-
dation systems, and predictive analytics, have improved service effi-
ciency, personalization, responsiveness, and operational effectiveness. 
However, hospitality remains a high-contact industry in which guests 
evaluate not only technological performance but also the overall ex-
perience created through interactions between AI technologies and 
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frontline employees (Hwang et al., 2026; Liu et al., 2026). Accordingly, customers develop perceptions 
of smart human–AI service experiences through their evaluations of AI-supported service encounters, 
including service clarity, responsiveness, reliability, accuracy, and overall effectiveness. These percep-
tions may subsequently influence emotional responses and revisit intention. Despite rapid advances in 
AI applications, AI-enabled hospitality services continue to face challenges related to trust, emotional 
understanding, personalization, and adaptation to cultural contexts, particularly in emerging markets 
where technological efficiency must be balanced with meaningful human interaction (Syah & Binesh, 
2025; Lee et al., 2025). Although previous studies have extensively examined AI adoption, service qual-
ity, operational performance, and customer satisfaction (Wu et al., 2025; Tan et al., 2024), important 
gaps remain. Existing research has paid limited attention to how customers’ integrated perceptions of 
smart human–AI service experiences influence revisit intention through emotional mechanisms within 
the Pleasure–Arousal–Dominance (PAD) framework, and to the potential moderating role of digital 
literacy in shaping customers’ evaluations of AI-supported service encounters (Jiang & Garrod, 2025; 
Hussein & Salahaldin, 2025). To address these gaps, this study develops an integrated customer-cen-
tered framework that examines how customers’ perceptions of smart human–AI service experiences 
influence revisit intention through the emotional dimensions of the PAD framework while investigat-
ing the moderating role of digital literacy. The study contributes to the hospitality marketing literature 
in three ways. First, it advances understanding of how customers evaluate smart human–AI service 
experiences by focusing on their perceptions of AI-supported service encounters. Second, it extends the 
application of the PAD framework by examining the distinct roles of pleasure, arousal, and dominance 
in the relationship between customers’ perceptions of smart human–AI service experiences and revisit 
intention. Third, it provides practical insights for hotel managers seeking to design customer-centered 
AI-enabled service experiences that enhance positive guest experiences and encourage revisit intention, 
particularly within emerging hospitality markets such as Iraq.

1. LITERATURE REVIEW 

AND HYPOTHESES 

DEVELOPMENT

 Over the past few years, the hospitality industry 
has undergone a profound transformation to-
ward AI-enabled service environments, in which 
artificial intelligence has become an integral part 
of customer-facing service delivery rather than 
merely an operational support technology. Hotels 
increasingly employ conversational agents, intel-
ligent recommendation systems, predictive ana-
lytics, and automated decision-support tools to 
improve service efficiency, responsiveness, and 
personalization. Nevertheless, despite these tech-
nological developments, guests rarely evaluate ar-
tificial intelligence in isolation. Instead, they as-
sess the overall service encounter resulting from 
the interaction between frontline employees and 
AI-supported technologies during service deliv-
ery (Yan et al., 2025; Maindola et al., 2026; Wang 
et al., 2025). Recent hospitality literature increas-
ingly argues that the value of artificial intelligence 
lies not only in its computational capabilities but 

also in the quality of its integration with frontline 
employees during customer interactions (Liu et al., 
2026). Although AI enhances speed, consistency, 
analytical accuracy, and information processing, 
employees continue to contribute uniquely hu-
man capabilities, including emotional intelligence, 
empathy, contextual understanding, cultural 
awareness, adaptive communication, and person-
alized problem solving (Castaneda et al., 2026). 
Consequently, guests experience hotel services 
as integrated human–AI encounters in which 
technological capabilities and human interaction 
jointly determine the overall quality of the service 
experience. Rather than evaluating organizational 
human resource practices, guests evaluate how ef-
fectively employees use intelligent technologies to 
provide clear information, accurate recommenda-
tions, responsive assistance, reliable solutions, and 
personalized service throughout the service en-
counter (Wu et al., 2025; Tan et al., 2024).

Within this perspective, recent studies suggest 
that contemporary hospitality service encounters 
should be conceptualized as smart human–AI ser-
vice experiences, reflecting customer perceptions 
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of the effectiveness with which frontline employ-
ees and intelligent technologies jointly deliver ho-
tel services. These experiences emerge when em-
ployees successfully combine human capabilities, 
including empathy, communication, flexibility, 
and contextual interpretation, with AI capabili-
ties such as analytical accuracy, rapid informa-
tion processing, predictive intelligence, and op-
erational consistency (Anggari, 2024; Pericleous 
et al., 2025). Consequently, guests evaluate the 
service encounter through perceptions of clarity, 
responsiveness, reliability, service accuracy, and 
interaction quality rather than through assess-
ments of employees or AI systems independently. 
Accordingly, smart human–AI service experi-
ences represent customer-centered evaluations of 
AI-supported service delivery that reflect how suc-
cessfully human and technological resources are 
integrated throughout the hospitality experience 
(Kakada & Shafi, 2023; Seočanac, 2025; Jiang et 
al., 2025). From the perspective of environmental 
psychology, these AI-supported service experi-
ences function as environmental stimuli capable 
of influencing guests’ internal emotional states. 
Recent hospitality research increasingly recog-
nizes that technology-enhanced service encoun-
ters affect customers not only through functional 
performance but also through their psychologi-
cal and emotional consequences (Kumawat et al., 
2025). This perspective is strongly supported by 
the Pleasure–Arousal–Dominance (PAD) frame-
work, which proposes that environmental stimuli 
influence individuals by generating emotional re-
sponses that subsequently shape behavioral out-
comes (Mehrabian & Russell, 1974). Within AI-
enabled hospitality environments, effective hu-
man–AI service experiences have been shown to 
enhance pleasure by creating feelings of comfort, 
reassurance, and satisfaction; stimulate arousal by 
increasing attention, curiosity, and cognitive en-
gagement; and strengthen dominance by enhanc-
ing guests’ perceptions of confidence, autonomy, 
and control throughout technology-supported 
service interactions (Liu et al., 2026). Importantly, 
these emotional responses are generated not by 
intelligent technologies alone but by the manner 
in which employees employ these technologies 
to clarify information, personalize recommen-
dations, resolve customer concerns, and facili-
tate smooth service experiences. The hospitality 
literature consistently demonstrates that these 

emotional responses play a central role in shap-
ing customer behavior. Experience-based service 
environments depend heavily upon guests’ emo-
tional evaluations because customers frequently 
judge hospitality experiences through affective 
reactions rather than purely rational assessments 
(Hsu et al., 2023; Souki et al., 2023). Within this 
context, the PAD model provides an established 
theoretical framework for explaining how emo-
tional experiences arising during service encoun-
ters influence subsequent behavioral intentions 
(Mehrabian & Russell, 1974). Rather than re-
maining temporary psychological reactions, plea-
sure, arousal, and dominance become important 
mechanisms through which service experiences 
influence future customer decisions, including re-
visit intention (Bui & Quyen, 2025). Empirical evi-
dence indicates that pleasure promotes favorable 
evaluations of service experiences and strength-
ens emotional attachment toward hospitality pro-
viders (Jiang & Garrod, 2025; Sharif et al., 2023). 
Likewise, arousal increases cognitive engagement, 
enhances experiential memory, and improves 
subsequent recall of positive service experiences 
(Yu et al., 2024). Dominance represents custom-
ers’ perceptions of control and confidence during 
service encounters and has consistently been as-
sociated with reduced uncertainty, increased trust, 
greater psychological comfort, and stronger inten-
tions to revisit service providers (Ji et al., 2025; Xu 
et al., 2025). Collectively, these findings suggest 
that positive emotional experiences constitute a 
central explanatory mechanism through which 
hospitality service encounters translate into cus-
tomer loyalty, favorable evaluations, and revisit in-
tention (Soliman et al., 2026).

Building on this perspective, recent hospitality 
research increasingly argues that AI-supported 
service experiences influence revisit intention 
primarily through emotional mechanisms rather 
than direct effects alone (Zhang et al., 2026; Tran 
et al., 2025). Human–AI service experiences serve 
as environmental stimuli that generate emotional 
states, including pleasure, arousal, and dominance, 
which subsequently mediate the relationship be-
tween service interaction quality and future be-
havioral intentions. Positive emotional experi-
ences encourage favorable evaluations of service 
encounters, strengthen customers’ psychological 
attachment to hospitality providers, and increase 
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their willingness to maintain future relationships 
with the service organization (Ashfaq et al., 2025). 
Accordingly, the ability of AI-enhanced service 
encounters to create balanced emotional experi-
ences is a key mechanism through which guests 
translate perceptions of high-quality human–AI 
interactions into revisit intention.

However, contemporary research also suggests 
that these emotional processes vary substantially 
across individuals because customers differ in their 
ability to understand, interpret, and interact with 
intelligent technologies. One of the most influen-
tial individual characteristics in AI-enabled ser-
vice environments is digital literacy. Beyond basic 
technological competence, digital literacy reflects 
individuals’ ability to evaluate digital information 
critically, interpret algorithmic recommendations 
appropriately, understand intelligent systems, 
and effectively engage with AI-supported service 
technologies (Makhafola et al., 2025; Hasanein 
et al., 2026). Consequently, digital literacy serves 
as an important cognitive interpretive capabil-
ity that shapes how guests process both informa-
tional and emotional stimuli during AI-supported 
service encounters. Guests with higher levels of 
digital literacy are generally better at interpret-
ing AI-assisted interactions accurately, integrat-
ing emotional experiences into coherent cognitive 
evaluations, and translating positive emotional re-

sponses into stronger behavioral intentions (Yang 
et al., 2025). Conversely, limited digital literacy 
may increase uncertainty, reduce confidence dur-
ing technology-supported interactions, weaken 
perceived control, and ultimately diminish the in-
fluence of emotional responses on revisit intention. 
Despite the growing body of research examining 
artificial intelligence in hospitality, several impor-
tant theoretical gaps remain. Existing studies have 
extensively investigated the technological capa-
bilities of AI systems and their operational ben-
efits, while comparatively little attention has been 
devoted to understanding how guests perceive 
integrated human–AI service experiences during 
actual service encounters. Furthermore, although 
emotional responses have frequently been recog-
nized as important consequences of AI-supported 
interactions, empirical evidence explaining how 
pleasure, arousal, and dominance jointly medi-
ate the relationship between perceived human–AI 
service experiences and revisit intention remains 
limited. Likewise, relatively little research has ex-
amined how individual differences in digital lit-
eracy alter these emotional mechanisms within 
hospitality settings. 

Addressing these limitations, the present study de-
velops and empirically tests a conceptual frame-
work proposing that guests’ perceptions of smart 
human–AI service experiences positively influ-

Figure 1. Research conceptual model
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ence revisit intention both directly and indirectly 
through pleasure, arousal, and dominance, while 
simultaneously examining the moderating role of 
digital literacy. Based on this theoretical framework, 
the following hypotheses are proposed (Figure 1).

H1a: Smart human–AI is positively related to 
guests’ intention to revisit.

H1b: Smart human–AI is positively related to 
guests’ pleasure.

H1c: Smart human–AI is positively related to 
guests’ arousal.

H1d: Smart human–AI is positively related to 
guests’ dominance.

H2: Guests’ pleasure is positively related to revisit 
intention.

H3: Guests’ arousal is positively related to revisit 
intention.

H4: Guests’ dominance is positively related to re-
visit intention.

H5: Pleasure mediates the relationship between 
smart human–AI and revisit intention.

H6: Arousal mediates between smart human–AI 
and revisit intention.

H7: Dominance mediates between smart human–
AI and revisit intention.

H8a: Digital literacy moderates between pleasure 
and revisit intention. 

H8b: Digital literacy moderates between arousal 
and revisit intention.

H8c: Digital literacy moderates between domi-
nance and revisit intention.

2. METHOD

The target population comprised guests at up-
scale hotels in Iraq who had direct interactions 
with AI-supported services, including biometric 

recognition systems, smart assistants, predictive 
analytics, and automated check-in and check-out 
systems. To ensure sampling accuracy, a three-
month field reconnaissance phase was conducted, 
involving visits to 127 hotels. This phase aimed 
to verify the implementation of AI technologies, 
assess technological maturity, and identify suit-
able data collection sites. As a result, a validated 
sampling frame of 71 hotels actively using AI-
supported services was established. Because these 
technologies were typically implemented as inte-
grated service solutions rather than independent 
applications, the present study focused on guests’ 
overall perceptions of AI-supported service expe-
riences rather than evaluating the effects of indi-
vidual AI technologies. Data collection took place 
between September and November 2025. A total 
of 1,200 questionnaires were distributed using a 
structured sampling approach. Of these, 977 ques-
tionnaires were returned, representing a response 
rate of 81.4%. Following data screening, 22 incom-
plete responses, 9 questionnaires that failed the 
attention checks, and 19 ineligible cases were ex-
cluded, resulting in a final sample of 927 valid re-
sponses. This sample size exceeds the minimum 
requirements for PLS-SEM analysis and provides 
sufficient statistical power to detect meaningful 
relationships among the study variables (Hair et 
al., 2019). Despite challenges during data collec-
tion, including limited cooperation from some ho-
tel administrations, the relatively recent adoption 
of digital technologies in Iraqi hotels, and geo-
graphical dispersion, these issues were effectively 
managed. The selected hotels were chosen for their 
geographic distribution and operational diversity 
across Iraq (north, west, and central regions), en-
suring adequate representation of different hospi-
tality environments. The sample included both in-
ternational and local hotels, many of which were 
among the early adopters of AI-enabled service 
systems and interactive digital platforms. The di-
versity of hotel locations and customer profiles en-
hances the representativeness of the sample and 
captures a broad range of customer experiences 
within the Iraqi hospitality context. To improve 
targeting accuracy, preliminary semi-structured 
interviews were conducted with 12 hotel man-
agers, IT staff, and customer service representa-
tives (three participants from each of four hotels). 
Direct communication was also established with 
hotel operations and guest service departments. 
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These interviews refined the screening questions 
to ensure that respondents had actual experience 
with AI-enabled services and resulted in minor 
modifications to the questionnaire to better re-
flect different stages of the guest journey (pre-stay, 
during stay, and post-stay). Furthermore, the ex-
ploratory phase identified several context-specific 
issues, including data privacy, information secu-
rity, system reliability, and digital service qual-
ity, thereby strengthening the face validity of the 
research instrument. Data were collected using 
an online questionnaire administered through 
Typeform and QR codes distributed within ho-
tel premises. The survey required approximately 
12–15 minutes to complete and consisted of de-
mographic questions and measures of the study 
constructs. Smart human–AI service experiences 
were measured using a multidimensional scale 
adapted from Al-Faouri et al. (2024). Because 
the original scale was designed to assess organi-
zational Smart HRM practices, the measurement 
items were substantially adapted and reworded to 
capture customers’ evaluations of AI-supported 
service encounters in the hospitality context. To 
ensure content validity, the adapted items were re-
viewed by three academic experts and subsequent-
ly evaluated through a pilot study involving 30 ho-
tel guests, which confirmed item clarity, contex-
tual suitability, and comprehensibility before the 
main survey. Emotional responses were assessed 
using the Pleasure–Arousal–Dominance (PAD) 
scale adapted from Liu and Jang (2009). Revisit 
intention was measured using the scale developed 
by Nazarian et al. (2024), while digital literacy was 
assessed using the scale proposed by Van Deursen 
et al. (2010). All measurement items employed a 
five-point Likert scale ranging from 1 (strongly 
disagree) to 5 (strongly agree). The questionnaire 
was prepared in both Arabic and English using 
the back-translation procedure to ensure linguis-
tic equivalence (see Appendix 1). Table 1 presents 
the demographic characteristics of the final sam-
ple (N = 927). Gender distribution was relatively 
balanced, with 51.1% male (n = 474) and 48.9% 
female (n = 453). Respondents were drawn from 
major Iraqi cities, including Baghdad (30.2%, n = 
280), Erbil (25.6%, n = 237), Basra (23.8%, n = 221), 
and Al-Anbar (20.4%, n = 189), indicating broad 
geographical coverage. Regarding hotel category, 
54.3% stayed in five-star hotels (n = 503), whereas 
45.7% stayed in four-star hotels (n = 424). Leisure 

travel represented 38.7% of the sample (n = 359), 
business travel 34.5% (n = 320), and religious or 
social visits 26.8% (n = 248). The largest age group 
was 25-34 years (33.9%, n = 314), followed by 35-44 
years (27.4%, n = 254), 18-24 years (22.1%, n = 205), 
and 45 years and above (16.6%, n = 154). Overall, 
the sample demonstrates adequate demographic 
and contextual diversity, supporting the robust-
ness and generalizability of the empirical analysis 
within the Iraqi hospitality sector.

Table 1. Demographic characteristics  
of the respondents

Characteristics n Percent

Gender

Male 474 51.1

Female 453 48.9

Age

18-24 205 22.1

25-34 314 33.9

35-44 254 27.4

45 and above 154 16.6

Location
Baghdad 280 30.2

Al-Anbar 189 20.4

Basra 221 23.8

Erbil 237 25.6

Hotel category

Five-star hotels 503 54.3

Four-star hotels 424 45.7

Purpose of stay

Leisure stay 359 38.7

Business stay 320 34.5

Religious or social visits 248 26.8

3. RESULTS 

To ensure the robustness of the measurement 
model, the reliability and validity of all con-
structs were assessed using Composite Reliability 
(CR), Cronbach’s Alpha, and Average Variance 
Extracted (AVE) (see Table 2). Consistent with es-
tablished methodological guidelines (Hair et al., 
2019; Fornell & Larcker, 1981), CR and Cronbach’s 
Alpha values of 0.70 or higher indicate satisfacto-
ry internal consistency, while AVE values of 0.50 
or above confirm adequate convergent validity. 
Standardized outer loadings of 0.70 or higher fur-
ther show that each indicator contributes mean-
ingfully to its corresponding latent construct 
(Hair et al., 2019). All constructs met these crite-
ria. CR and Cronbach’s Alpha values exceeded the 
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recommended threshold of 0.70, and AVE values 
fell within the acceptable range of 0.531-0.683. All 
outer loadings surpassed 0.70, confirming strong 
associations between indicators and their respec-
tive constructs. Collectively, these results provide 
evidence of strong internal consistency, conver-
gent validity, and indicator reliability, confirming 
that the measurement model is suitable for subse-
quent structural model analysis (Hair et al., 2019; 
Henseler et al., 2015; Fornell & Larcker, 1981). To 
assess potential common method bias, the full col-
linearity approach proposed by Kock (2015) was 
employed. All full collinearity Variance Inflation 
Factor (VIF) values were below the recommended 
threshold of 3.3, indicating that common method 
bias was unlikely to threaten the validity of the 
findings.

Table 2 shows the reliability and convergent valid-
ity of the measurement model. 

Table 2. Alpha, CR, and AVE

Item Alpha
CR 

(rho-a)

CR 

(rho-c)
AVE

Smart human–AI 0.702 0.717 0.811 0.559

 Pleasure 0.768 0.767 0.866 0.683 

Arousal 0.726 0.742 0.801 0.562 

Dominance 0.767 0.783 0.855 0.632 

Intention to revisit 0.752 0.766 0.845 0.602

Digital literacy 0.714 0.757 0.818 0.531

Table 3 shows that all outer loadings and weights 
are statistically significant and exceed the recom-
mended thresholds, indicating that the indica-
tors reliably represent their respective constructs. 
These results confirm the robustness of the mea-
surement model and support the adequacy of the 
indicators for subsequent structural model analy-
sis (Hair et al., 2019).

Table 3. Assessment of loadings and significance 
statistics

Item t-statistic p-value
Outer 

loadings
p-value

Smart human–AI

SH-AI1 3.788 0.000 0.776 0.000

SH-AI2 4.050 0.000 0.794 0.000

SH-AI3 5.301 0.000 0.863 0.000

SH-AI4 6.298 0.000 0.749 0.000

SH-AI5 5.946 0.000 0.737 0.000

SH-AI6 5.204 0.000 0.773 0.000

SH-AI7 5.414 0.000 0.728 0.000

SH-AI8 4.641 0.000 0.793 0.000

Item t-statistic p-value
Outer 

loadings
p-value

Pleasure

P1 8.571 0.000 0.729 0.000

P2 8.878 0.000 0.772 0.000

P3 9.301 0.000 0.802 0.000

P4 10.077 0.000 0.793 0.000

P5 7.254 0.000 0.719 0.000

P6 9.276 0.000 0.815 0.000

Arousal

A1 5.057 0.000 0.772 0.000

A2 3.045 0.000 0.806 0.000

A3 4.968 0.000 0.763 0.000

A4 5.963 0.000 0.748 0.000

A5 6.945 0.000 0.719 0.000

A6 7.117 0.000 0.800 0.000

Dominance

D1 9.304 0.000 0.783 0.000

D2 5.466 0.000 0.802 0.000

D3 9.545 0.000 0.773 0.000

D4 5.792 0.000 0.769 0.000

D5 4.189 0.000 0.702 0.000

D6 6.967 0.000 0.791 0.000

Intention to revisit
IR1 6.908 0.000 0.819 0.000

IR2 8.347 0.000 0.771 0.000

IR3 4.142 0.000 0.738 0.000

IR4 5.673 0.000 0.814 0.000

IR5 7.693 0.000 0.779 0.000

IR6 5.558 0.000 0.827 0.000

IR7 9.721 0.000 0.773 0.000

IR8 7.382 0.000 0.852 0.000

Digital literacy

DL1 2.323 0.000 0.719 0.000

DL2 3.505 0.000 0.737 0.000

DL3 3.603 0.000 0.817 0.000

DL4 4.694 0.000 0.785 0.000

Table 4 shows that all HTMT values are below 
the recommended threshold of 0.85. Besides, the 
Fornell–Larcker criterion indicates that the square 
root of the AVE for each construct is higher than 
its correlations with other constructs. These re-
sults confirm discriminant validity, indicating 
that the constructs represent distinct and non-
overlapping concepts (Fornell & Larcker, 1981).

Bootstrapping with 5,000 resamples was conduct-
ed to evaluate the significance of the hypothesized 
relationships. As shown in Table 5, Smart human–
AI (SH–AI) has significant positive effects on all 
emotional dimensions, including pleasure (β = 
0.513, p = 0.000), arousal (β = 0.529, p = 0.000), 
and dominance (β = 0.412, p = 0.000). However, 
the direct effect of SH–AI on revisit intention was 
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not significant (β = 0.065, p = 0.420), indicating 
the absence of a direct relationship. Regarding the 
effects of emotional responses on revisit intention, 
all three dimensions show positive and signifi-
cant relationships. Pleasure (β = 0.302, p = 0.008), 
arousal (β = 0.220, p = 0.043), and dominance 
(β = 0.329, p = 0.001) all contribute to increas-
ing guests’ intention to revisit, with dominance 
showing the strongest effect among the three. In 
terms of explanatory power, the model explains 
26.3% of the variance in pleasure, 28.0% in arous-
al, 16.9% in dominance, and 61.6% in revisit inten-
tion. According to established guidelines (Höck 
& Ringle, 2010), these values indicate moderate 
explanatory power for the emotional constructs 

and strong explanatory power for revisit intention. 
Overall, the results demonstrate that smart hu-
man influence revisit intention primarily through 
emotional mechanisms, with dominance and dig-
ital literacy playing particularly critical roles in 
shaping guests’ behavioral responses.

The mediation analysis further confirms differenti-
ated indirect effects (see Tables 6 and 7). As shown 
in Table 6, SH–AI significantly influences revisit 
intention through pleasure (β = 0.155, p = 0.014) 
and dominance (β = 0.135, p = 0.016), whereas the 
indirect effect through arousal was not significant 
(β = 0.116, p = 0.071). Consistent with these find-
ings, the total indirect effect was significant (β = 

Table 4. Discriminant validity assessment using HTMT and Fornell-Larcker criteria

Item
Smart 

human–AI
Pleasure Arousal Dominance

Intention to 
revisit

Digital 

literacy

Smart human–AI 0.747

Pleasure 0.322 (0.234) 0.826

Arousal 0.484 (0.260) 0.491 (0.310) 0.749

Dominance 0.597 (0.411) 0.434 (0.304) 0.429 (0.294) 0.794

Intention to revisit 0.555 (0.354) 0.408 (0.242) 0.523 (0.341) 0.535 (0.359) 0.775

Digital literacy 0.586 (0.435) 0.179 (0.102) 0.105 (0.101) 0.207 (0.112) 0.396 (0.107) 0.728

Table 5. Direct relationships

Item β Sample 

mean (M)
SD t-value p-value 97.5% CI VIF Decision

H1a: SH-AI → IR 0.065 0.056 0.081 0.806 0.420 [-0.077,0.251] 1.217 Unsupported

H1b: SH-AI → P 0513 0.545 0.074 6.890 0.000 [0.309,0.620] 1.588 Supported

H1c: SH-AI → A 0.529 0.556 0.068 7.803 0.000 [0.343,0.629] 1.501 Supported

H1d: SH-AI → D 0.412 0.447 0.090 4.555 0.000 [0.188,0.550] 1.786 Supported

H2: P → IR 0302 0.308 0.113 2.669 0.008 [0.054,0.500] 1.841 Supported

H3: A → IR 0.220 0.229 0.109 2.020 0.043 [-0.014,0.414] 2.662 Supported

H4: D → IR 0.329 0.336 0.103 3.187 0.001 [0.091,0.504] 1.000 Supported

R2 Adjusted R2 Q2

Pleasure 0.263 0.254 0.244

Arousal 0.280 0.271 0.266

Dominance 0.169 0.156 0.151

Intention to revisit 0.616 0.596 0.587

Table 6. Specific indirect effects and mediation type

Mediation path Direct effect β (p) Specific indirect effect β (p) 97.5% CI Type of mediation
H5: SH-AI → P → IR 0.065 (0.420) 0.155 (0.014) [0.018,0.268] Full mediation
H6: SH-AI → A →IR 0.065 (0420) 0.116 (0.071) [–0.014,0.237] No mediation
H7: SH-AI → D → IR 0.065 (0420) 0.135 (0.016) [0.031,0.240] Full mediation

Table 7. Overall effects of the mediation model

Effect β t-value p-value 97.5% CI

Total indirect effect 0.407 5.500 < 0.001 [0.303, 0.591]

Total effect 0.472 5.813 < 0.001 [0.352,0.668]
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0.407, p < 0.001), while the direct effect remained 
non-significant (β = 0.065, p = 0.420), indicating 
indirect-only mediation through pleasure and 
dominance, but no mediation through arousal 
(see Table 7). 

With respect to the moderating role of digital lit-
eracy (see Table 8 and Figure 3), the interaction ef-
fects reveal a mixed pattern. Digital literacy sig-

nificantly strengthens the relationship between 
pleasure and revisit intention (β = 0.460, p = 0.016), 
while its moderating effect on arousal is not signif-
icant (β = −0.037, p = 0.752). Interestingly, digital 
literacy shows a significant negative moderating ef-
fect on the dominance–revisit intention relation-
ship (β = −0.549, p = 0.004), suggesting that higher 
levels of digital literacy may weaken the influence 
of dominance on behavioral intention.

Table 8. Moderation analysis

Item β Sample mean (M) SD t-value p-value 97.5% CI VIF Decision

H8a: DL* P → IR 0.460 0.398 0.191 2.411 0.016 [0.177,0.961] 1.137 Supported

H8b: DL* A → IR –0.037 –0.037 0.116 0.317 0.752 [–0.259,0.188] 1.119 Unsupported

H8c: DL* D → IR –0.549 –0.503 0.190 2.882 0.004 [–1.017, –0.243] 2.461 Supported

Figure 2. Structural model results (SmartPLS output)

Figure 3. Structural model results (SmartPLS output) – with moderator
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4. DISCUSSION 

The results demonstrate that several factors and 
mechanisms shape guests’ revisit intention in AI-
enhanced hospitality environments, with revisit 
intention forming primarily through indirect emo-
tional pathways rather than through a direct influ-
ence of AI-supported human–AI service experienc-
es. Specifically, the direct relationship between smart 
human–AI service experiences and revisit intention 
was statistically insignificant, indicating that guests 
do not decide to revisit hotels merely because they 
perceive AI-supported services as clear, accurate, re-
sponsive, or reliable. Instead, these service experi-
ences first generate emotional responses that subse-
quently translate into future behavioral intentions. 
This finding is consistent with Zhang et al. (2026) 
and Tran et al. (2025), who suggest that the influ-
ence of human–AI collaboration on behavioral out-
comes is not direct but emerges through emotional 
mechanisms developed during service interactions. 
First, the findings indicate that positive perceptions 
of AI-supported human–AI service experiences sig-
nificantly enhance all three emotional dimensions 
of the PAD model, namely pleasure, arousal, and 
dominance. This suggests that when guests perceive 
frontline employees as effectively integrating artifi-
cial intelligence into service delivery by providing ac-
curate information, timely responses, reliable recom-
mendations, and contextually appropriate assistance, 
they experience higher levels of enjoyment, stimu-
lation, and perceived control throughout the ser-
vice encounter. These findings align with the argu-
ments of Helmefalk et al. (2025) and Kumawat et al. 
(2025), who emphasize that artificial intelligence cre-
ates customer value when technological capabilities 
are translated into meaningful service experiences 
through human judgment and interaction. The re-
sults are also consistent with Yan et al. (2025) and 
Maindola et al. (2026), who highlight that employ-
ees’ ability to interpret AI outputs and adapt them 
to situational and cultural contexts enhances cus-
tomers’ emotional experiences during service deliv-
ery. Within the Iraqi hospitality context, character-
ized by linguistic diversity and deeply rooted service 
norms, these customer perceptions are particularly 
important, as guests evaluate the effectiveness of 
AI-supported services by how successfully employ-
ees translate technological capabilities into contex-
tually relevant and trustworthy service experiences 
(Maindola et al., 2026).

Second, the findings show that emotional respons-
es are the primary mechanism through which AI-
supported human–AI service experiences influ-
ence revisit intention. All three PAD dimensions 
significantly and positively affect revisit intention, 
with dominance emerging as the strongest predic-
tor. This indicates that guests are more likely to re-
visit hotels when AI-supported service experiences 
increase their sense of control, confidence, and em-
powerment during service encounters. Rather than 
responding solely to technological sophistication, 
guests appear to value service experiences that en-
able them to feel capable of making informed deci-
sions and navigating the service process effectively. 
These findings are consistent with Bui and Quyen 
(2025), who argue that emotional responses extend 
beyond temporary reactions and become impor-
tant determinants of long-term behavioral inten-
tions, including revisit intention. They also support 
the theoretical assumptions of the PAD framework 
proposed by Mehrabian and Russell (1974), which 
holds that environmental stimuli influence behav-
ioral evaluations through emotional states. Third, 
the mediation analysis reveals that emotional re-
sponses serve as selective mechanisms rather than 
uniform transmission pathways. AI-supported 
human–AI service experiences significantly influ-
ence revisit intention through pleasure and domi-
nance, whereas the indirect effect through arousal 
is statistically insignificant. This finding indicates 
that not every emotional reaction generated dur-
ing AI-supported service encounters contributes 
equally to future behavioral intentions. While feel-
ings of enjoyment and empowerment effectively 
translate positive service experiences into revisit 
intention, emotional excitement alone appears in-
sufficient to sustain future behavioral commitment. 
Consequently, the emotional consequences of AI-
supported service experiences operate through dif-
ferentiated psychological mechanisms rather than 
through a single homogeneous emotional process. 
This finding is consistent with Ashfaq et al. (2025), 
who argue that human–AI integration functions 
as an environmental stimulus that generates mul-
tiple emotional responses with different capacities 
to translate the quality of service interactions into 
subsequent behavioral outcomes.

Fourth, the moderating analysis shows that digital 
literacy is an important cognitive boundary con-
dition that shapes how emotional responses influ-
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ence revisit intention. Digital literacy significant-
ly strengthens the positive relationship between 
pleasure and revisit intention, suggesting that 
digitally competent guests are better able to trans-
late enjoyable AI-supported service experiences 
into stronger behavioral commitment. In contrast, 
digital literacy does not significantly moderate the 
relationship between arousal and revisit intention, 
indicating that emotional excitement influenc-
es future behavior similarly regardless of guests’ 
technological competence. Interestingly, digital 
literacy exerts a significant negative moderating ef-
fect on the dominance–revisit intention relation-
ship, implying that as guests become more digi-
tally knowledgeable, the behavioral importance of 
perceived control gradually declines. Contrary to 
our theoretical expectation, this negative moder-
ating effect suggests that digitally literate guests 
rely less on feelings of control generated dur-
ing AI-supported service encounters and instead 
evaluate AI-supported services more critically 
based on their functional performance, transpar-
ency, and service quality. Consequently, as digital 
literacy increases, the motivational influence of 
dominance on revisit intention becomes weaker. 
Digitally literate guests may rely more heavily on 
their own technological competence and cogni-
tive evaluation of AI-supported services, thereby 
reducing their dependence on emotional feelings 
of empowerment during decision-making. These 
findings are consistent with Yang et al. (2025) 
and Makhafola et al. (2025), who suggest that 
individuals with higher digital literacy increas-
ingly interpret emotional experiences through 
structured cognitive frameworks that reshape 
the influence of emotions on behavioral inten-
tions. Overall, the findings provide strong empiri-
cal evidence that revisit intention in AI-enhanced 
hospitality environments is primarily generated 
through mediated emotional mechanisms rather 
than through direct evaluations of AI-supported 
service experiences. Guests’ positive perceptions 
of AI-supported human–AI service experiences 
do not directly translate into loyalty intentions 
but instead stimulate specific emotional responses 
that subsequently shape future behavioral deci-
sions. Furthermore, the results demonstrate that 
these emotional mechanisms are not identical in 
their behavioral influence, as dominance plays the 
strongest mediating role while digital literacy se-
lectively amplifies or weakens the effectiveness of 

different emotional pathways. Accordingly, revisit 
intention emerges through the interaction among 
customer perceptions of AI-supported service ex-
periences, emotional processing, and individual 
cognitive capabilities.

This study offers a focused theoretical contribution 
by integrating the Pleasure–Arousal–Dominance 
(PAD) framework into research on AI-supported 
human–AI service experiences from a customer-
centered perspective. Rather than treating the fo-
cal construct as smart human resource manage-
ment, the study explains how guests’ evaluations 
of AI-supported service encounters influence be-
havioral outcomes through interconnected emo-
tional and cognitive mechanisms. More specifi-
cally, the findings reconceptualize AI-mediated 
service experiences as customer-perceived service 
processes in which frontline employees transform 
artificial intelligence into clear, accurate, reliable, 
and contextually meaningful service encounters, 
thereby extending traditional technology accep-
tance perspectives toward an experiential, emo-
tion-centered explanation of customer behavior.

From a practical perspective, the findings show 
that the effectiveness of artificial intelligence in 
hospitality services depends less on technological 
sophistication than on guests’ perceptions of how 
well employees integrate AI into everyday service 
encounters. Consequently, hospitality managers 
should focus on enabling frontline employees to 
communicate AI-generated information clearly, 
provide reliable recommendations, respond ac-
curately to guest needs, and adapt AI-supported 
services to specific contexts. Simultaneously, or-
ganizations should strengthen employees’ emo-
tional intelligence, contextual awareness, and dig-
ital interpretive capabilities so that AI-supported 
service experiences elicit positive emotional re-
sponses that enhance guest loyalty and revisit in-
tention. However, a key limitation of this study is 
its reliance on a single contextual setting, which 
may limit the generalizability of the proposed 
model across different cultural and service envi-
ronments. Future studies should examine whether 
customer perceptions of AI-supported human–
AI service experiences trigger similar emotional 
mechanisms across different hospitality contexts 
and in countries with varying levels of technologi-
cal maturity and digital literacy.
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CONCLUSION 

The study examines how smart human–AI service experiences influence hotel guests’ revisit intention 
through PAD emotions and the moderating role of digital literacy. The findings demonstrate that guests’ 
revisit intention in AI-enhanced hospitality is not formed directly by their positive evaluations of AI-
supported human–AI service experiences, but primarily through emotional pathways. Guests’ percep-
tions of clear, accurate, reliable, and responsive AI-supported service encounters first elicit emotional 
responses, which subsequently shape future behavioral intentions. The mediation process is selective 
rather than uniform, as pleasure and dominance significantly transmit the influence of AI-supported 
service experiences to revisit intention, whereas arousal does not exert a significant indirect effect. 
Furthermore, digital literacy serves as an important cognitive boundary condition that strengthens 
some emotional pathways while weakening others, reflecting the dynamic interaction between emo-
tional processing and individual cognitive capabilities when guests evaluate AI-supported service ex-
periences. Overall, the findings indicate that the value of artificial intelligence in hospitality does not 
stem solely from the technological capabilities of AI systems themselves, but from guests’ perceptions of 
how effectively frontline employees integrate these technologies into service delivery. When employees 
successfully transform AI capabilities into service experiences characterized by clarity, responsiveness, 
accuracy, reliability, and contextual relevance, they create meaningful emotional experiences that ulti-
mately encourage guests’ intention to revisit. 
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APPENDIX A

Table A1. Research constructs, measurement scales, and references 

Construct Code Construct items References

Smart 

Human–AI

SHR-AI1
The employee explains the information or recommendations provided by the AI system in a 
way that is easy for me to understand.

Al-Faouri et 

al. (2024)

SHR-AI2
I feel that the employee is able to clarify why the AI system suggests a certain action or 
decision.

SHR-AI3
When the AI system misunderstands my request, the employee can quickly and accurately 

correct the interpretation.

SHR-AI4
I feel that the collaboration between the employee and the AI system makes the service 
faster and smoother.

SHR-AI5 The employee’s use of AI tools helps them respond to my needs more accurately.

SHR-AI6
I feel that the employee becomes more capable of solving my issues when supported by AI 

tools.

SHR-AI7
I feel that the service provided through collaboration between the employee and the AI 
system is more reliable than traditional service.

SHR-AI8
I trust that the actions taken through the joint work of the employee and the AI system are 
accurate and correct.

Pleasure

P1
I felt comfortable and pleased during the interaction between the employee and the AI 
systems in the hotel.

Liu and Jang 

(2009)

P2
The hybrid service experience (employee + AI) put me in a positive mood while receiving 
the service.

P3 I felt happy while using or receiving AI-supported services in the hotel.

P4 The AI-supported service experience made me feel emotionally comfortable and reassured.
P5 I experienced a sense of enjoyment while interacting with the employee and AI systems.
P6 The overall interaction created a pleasant and satisfying emotional experience for me.

Arousal

A1 I found the hybrid interaction experience stimulating and engaging.

A2
The smart technologies used in the service made the interaction feel more exciting and 
livelier.

A3
I felt more motivated to explore the hotel’s services because the employees used AI 
systems.

A4
The AI-enabled interaction created a sense of excitement throughout the service 
experience.

A5 I felt mentally alert and highly engaged while interacting with the employee and AI systems.
A6 The integration of AI into the service made the experience feel more vivid and interactive.

Dominance

D1
I felt that I had full control during my interaction with the employee and the AI systems in 
the hotel.

D2 I did not feel confused; I was able to direct or stop the interaction whenever I wanted.

D3
I felt confident and in control when dealing with AI-supported services because the 
employee made them easy to use.

D4
I felt a strong sense of control over how the interaction with AI-supported services 
unfolded.

D5 The interaction allowed me to feel independent and in charge of my decisions.

D6
I felt empowered to influence the service outcome during my interaction with the employee 
and AI systems.

Intention to 
revisit

IR1
I intend to stay at this hotel again in the future because of the positive service experience I 
had.

Nazarian et al. 

(2024)

IR2 I am likely to choose this hotel again if I need accommodation in this destination.
IR3 I would prefer this hotel over other hotels for my future stays.

IR4 Based on my recent experience, I plan to revisit this hotel whenever I return to this city.

IR5 I am highly likely to revisit this hotel in the future.

IR6 This hotel would be my preferred option for future stays in this destination.
IR7 I intend to prioritize this hotel when making future accommodation decisions.
IR8 I have a strong intention to return to this hotel based on my experience.

Digital literacy

DL1 I am confident in my ability to use digital technologies to accomplish tasks efficiently.
Van Deursen 

and Van Dijk 
(2010) 

DL2 I can easily understand and evaluate information provided by digital systems.
DL3 I can learn and adapt quickly when using new digital technologies or applications.
DL4 I feel capable of solving problems that arise when interacting with digital systems.
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