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Abstract

The rapid expansion of digital banking services has increased concerns regarding ex-
cessive and uncontrolled user behavior, particularly impulsive and compulsive usage 
patterns. This study aims to examine the effect of perceived ease of use (PEU) and 
perceived usefulness (PU) on compulsive digital banking behavior, with impulsive us-
age (IU) as a mediating mechanism. A quantitative approach was employed using a 
survey of 348 active users of digital banking applications, specifically Bank Jago and 
Allo Bank, selected through purposive sampling based on their experience in digital fi-
nancial transactions. Data were collected online between April and June 2025 to reflect 
current digital banking behavior. The results show that PEU (β = 0.511, p < 0.001) and 
PU (β = 0.523, p < 0.001) significantly influence impulsive usage. Furthermore, PEU 
(β = 0.187, p < 0.001) and PU (β = 0.511, p < 0.001) have significant direct effects on 
compulsive usage, while impulsive usage also has a positive but relatively small effect 
on compulsive usage (β = 0.140, p = 0.021). These findings indicate that perceived 
usefulness plays a more dominant role in driving compulsive behavior compared to 
perceived ease of use. The study highlights that while digital banking systems enhance 
efficiency and user engagement, they may also increase behavioral intensity and po-
tential risks related to excessive usage. Therefore, digital banking providers should 
integrate system performance with responsible design strategies, such as behavioral 
control mechanisms, to support sustainable financial behavior.
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INTRODUCTION

The banking industry is undergoing rapid transformation driven by 
digitalization and increasing competition. Digital banking services 
provide fast, efficient, and user-friendly solutions that meet consum-
ers’ growing demand for accessibility and convenience (Windasari 
et al., 2022). However, these advancements also introduce emerging 
risks within digital banking systems, particularly the emergence of 
impulsive and compulsive usage patterns in digital financial environ-
ments. These behaviors reflect a shift from rational decision-making 
toward more spontaneous and emotionally driven interactions, rais-
ing concerns about users’ financial control, financial discipline, and 
the potential for unsustainable financial behavior within digital bank-
ing ecosystems (Djamhari et al., 2024).

In digital financial contexts, impulsive behavior often occurs when 
users engage in unplanned transactions triggered by system features 
such as instant access, seamless interfaces, and promotional stimuli. 
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Over time, such behavior may evolve into compulsive usage, characterized by repetitive and difficult-
to-control interactions with digital platforms. The integration of real-time services, personalized rec-
ommendations, and engaging interface designs can intensify user engagement while reducing cogni-
tive control, potentially reinforcing excessive usage patterns (Matar & Aloqaily, 2025). This creates a 
paradox in digital banking: while it enhances efficiency and accessibility, it may also increase the risk of 
behavioral overuse and dependency, which may further lead to reduced financial control and increased 
vulnerability to financial mismanagement at the individual level.

This issue becomes more critical in rapidly expanding digital financial ecosystems, where technological 
innovation continuously shapes consumer behavior. The increasing reliance on digital banking services 
reflects not only a shift in financial practices but also a transformation in how users interact with finan-
cial technologies. From a banking system perspective, such behavioral patterns may have broader im-
plications, including potential risks related to customer financial well-being, transaction intensity, and 
the sustainability of digital financial services. As digital platforms become more embedded in everyday 
financial activities, understanding the behavioral consequences of intensive usage becomes increasingly 
important.

 However, despite the growing importance of digital banking in everyday financial activities, limited at-
tention has been given to the behavioral risks associated with its intensive usage. In particular, the role 
of technological convenience in shaping users’ behavioral control and contributing to impulsive and 
compulsive usage remains insufficiently understood. This indicates a critical gap in explaining how cog-
nitive perceptions in digital banking environments may lead to excessive and potentially uncontrolled 
financial behavior, especially in rapidly expanding digital financial ecosystems.

1. LITERATURE REVIEW 

AND HYPOTHESES

The rapid development of digital technologies has 
significantly transformed consumer behavior, par-
ticularly in financial service contexts. Consumer 
behavior theory explains how individuals allocate 
resources such as time, effort, and money in re-
sponse to internal and external stimuli that shape 
decision-making processes (Kotler et al., 2021; 
Schiffman & Wisenblit, 2019). In digital environ-
ments, these processes are increasingly influenced 
by technological features that enhance accessibil-
ity, speed, and interactivity, leading to more im-
mediate and experience-driven consumption pat-
terns (Chaffey & Ellis-Chadwick, 2022; Wirtz & 
Lovelock, 2021).

The integration of real-time systems, personaliza-
tion, and seamless interfaces has accelerated deci-
sion-making while reducing cognitive effort. As a 
result, digital platforms facilitate interactions that 
are not only efficient but also emotionally engag-
ing. Such environments are associated with more 
spontaneous and less deliberative behaviors, as 
users are continuously exposed to stimuli and 

instant responses (Djamhari et al., 2024; Khan 
& Dhar, 2006; Lee et al., 2023). This suggests that 
technological convenience not only enhances user 
experience but also increases behavioral vulner-
ability by reducing reflective decision-making 
processes.

Impulsive usage represents spontaneous and emo-
tion-driven interactions that occur without prior 
planning or cognitive evaluation. These behaviors 
are often triggered by system features such as pro-
motional cues, accessibility, and interface design, 
which lower decision-making barriers (Li & Deng, 
2026; Lisnawati et al., 2023). Emotional engagement 
and instant feedback mechanisms are associated 
with increased impulsive usage, as they reduce cog-
nitive control and encourage immediate respons-
es (Djamhari et al., 2024; Hurriyati et al., 2023). 
Repeated impulsive interactions may gradually de-
velop into more persistent behavioral patterns, in-
dicating a transition toward compulsive usage.

Compulsive usage reflects excessive, repetitive, 
and difficult-to-control engagement with digital 
platforms, often driven by psychological depen-
dency and emotional reinforcement. Habitual in-
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teraction, emotional attachment, and continuous 
system exposure are considered key factors con-
tributing to compulsive usage by reinforcing re-
petitive behavior and reducing behavioral control 
(Dang et al., 2025; Mason et al., 2022). In digital 
financial contexts, this behavior may manifest as 
persistent system use despite awareness of nega-
tive consequences. Impulsive and compulsive be-
haviors are conceptually interconnected, where 
repeated spontaneous actions can evolve into 
more entrenched behavioral patterns.

From a technological perspective, the Technology 
Acceptance Model (TAM) provides a foundation-
al framework for understanding user interaction 
with digital systems. Perceived ease of use and per-
ceived usefulness are widely recognized as key de-
terminants of technology adoption and continued 
usage (Alalwan, 2018; Davis, 1989; B. Ly & R. Ly, 
2022). In digital banking contexts, these cognitive 
perceptions are associated with higher levels of us-
er engagement and interaction intensity (Alalwan, 
2018; Kelly & Palaniappan, 2023; Pikkarainen et 
al., 2004; Thakur & Srivastava, 2014; Underdown & 
Tamara, 2025; Waleed Rababa et al., 2025). When 
systems are perceived as easy to use, users tend to 
interact with minimal cognitive effort, increasing 
the likelihood of spontaneous and impulsive us-
age. Similarly, perceived usefulness reinforces the 
perceived value of digital banking services, which 
can justify frequent and immediate usage.

Recent developments in fintech highlight a par-
adoxical effect of technological advancement. 
While digital banking services improve efficiency 
and accessibility, they also introduce behavioral 
risks associated with excessive usage and depen-
dency. Personalization, artificial intelligence, and 
continuous system interaction are linked to in-
creased user engagement and behavioral inten-
sity (Frolov et al., 2024; Khaddam & Alhanatleh, 
2024). Continuous exposure to systems that are 
both easy to use and functionally beneficial may 
reinforce repeated interaction patterns, which 
over time can develop into habitual and eventu-
ally compulsive usage.

Despite extensive research on digital banking 
adoption, prior studies have predominantly em-
phasized cognitive determinants such as perceived 
ease of use and perceived usefulness, with prima-

ry focus on intention and satisfaction outcomes 
(Underdown & Tamara, 2025; Waleed Rababa et al., 
2025). Limited attention has been given to behav-
ioral consequences that emerge after adoption, par-
ticularly those related to excessive and uncontrolled 
usage (Frolov et al., 2024; Ong & Lin, 2016). As a 
result, the mechanisms through which cognitive 
perceptions influence behavioral control remain 
insufficiently explored, especially in relation to the 
role of impulsive usage as a connecting mechanism.

The literature indicates that digital banking behav-
ior is shaped by the interaction between technologi-
cal convenience, cognitive perceptions, and emo-
tional responses. However, existing discussions 
have not sufficiently explained how these cognitive 
drivers contribute to excessive and uncontrolled 
behavioral outcomes, such as impulsive and com-
pulsive usage, as a potential behavioral risk within 
digital banking systems. This limitation highlights 
a critical gap in integrating technology acceptance 
perspectives with behavioral consumption theories 
to better understand post-adoption digital banking 
behavior and its implications for financial control. 
Based on this gap, this study aims to examine the 
effect of perceived ease of use and perceived useful-
ness on compulsive digital banking behavior, with 
impulsive usage acting as a mediating variable. The 
relationships among these variables are illustrated 
in Figure 1, which presents the proposed concep-
tual model of this study.

This study aims to examine the effects of perceived 
ease of use and perceived usefulness on compul-
sive usage behavior in digital banking applications 
and to investigate the mediating role of impulsive 
usage in these relationships.

Study hypotheses are as follows:

H1: Perceived ease of use has a direct and signifi-
cant influence on impulsive usage of digital 
banking applications.

H2: Perceived usefulness has a direct and signifi-
cant influence on impulsive usage of digital 
banking applications.

H3: Perceived ease of use has a direct and signifi-
cant influence on compulsive usage of digital 
banking applications.



226

Banks and Bank Systems, Volume 21, Issue 2, 2026

http://dx.doi.org/10.21511/bbs.21(2).2026.15

H4: Perceived usefulness has a direct and signifi-
cant influence on compulsive usage of digital 
banking applications.

H5: Impulsive usage has a direct and significant 
influence on compulsive usage of digital 
banking applications.

H6: Impulsive usage has a mediating effect on the 
relationship between perceived ease of use, 
perceived usefulness, and compulsive usage 
of digital banking applications.

2. METHODS

This study employed a quantitative research de-
sign to examine the relationships among perceived 
ease of use, perceived usefulness, impulsive usage, 
and compulsive usage in digital banking contexts. 
Primary data were collected through a structured 
questionnaire distributed online to individuals in 
Indonesia who actively use digital banking appli-
cations. Data collection was conducted between 
April and June 2025, reflecting a period of inten-
sive digital banking adoption and transaction ac-
tivity in Indonesia.

A purposive sampling technique was applied to 
ensure that respondents met specific criteria, in-

cluding having an active digital banking account 
and prior experience in conducting digital finan-
cial transactions. A total of 348 valid responses 
were obtained from users of digital banking ser-
vices such as Bank Jago and Allo Bank, which sat-
isfies the recommended sample size for Structural 
Equation Modeling (SEM) analysis (Hair et al., 
2013).

As shown in Table 1, the sample is characterized 
by a relatively balanced gender distribution, a pre-
dominance of respondents aged 21-30 years, and 
frequent use of digital banking applications, indi-
cating substantial familiarity with digital banking 
services.

The research procedure was conducted in sever-
al stages. First, the questionnaire was developed 
based on established theoretical constructs and 
adapted from validated measurement scales in 
prior studies. The measurement items were select-
ed based on their theoretical relevance and prior 
empirical validation in studies related to digital 
banking and consumer behavior, ensuring their 
suitability for capturing both cognitive percep-
tions and behavioral tendencies. Second, the in-
strument was distributed online to respondents 
who met the sampling criteria. Third, the collected 
data were screened and validated to ensure com-

Figure 1. Research paradigm

Source: Authors’ elaboration (2025).
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pleteness and consistency. Finally, the data were 
analyzed using Structural Equation Modeling to 
test the proposed hypotheses.

All measurement items were assessed using a five-
point Likert scale ranging from strongly disagree 
to strongly agree. To ensure the adequacy of the 

measurement model, construct validity and reli-
ability were evaluated using confirmatory factor 
analysis within the Structural Equation Modeling 
framework. Convergent validity was assessed 
based on standardized factor loadings and av-
erage variance extracted, with a recommended 
threshold of 0.50, while internal consistency was 

Table 1. Respondent profile (N = 348)

Source: Data processing results (2025).

Characteristic Category Frequency Percentage (%)

Gender
Male 159 45.7

Female 189 54.3

Age

< 21 years 42 12.1

21-30 years 170 48.9

31-40 years 96 27.6

> 40 years 40 11.4

Digital Banking Usage  

Frequency

Daily 219 62.8

Several times a week 84 24.1

Occasionally 45 13.1

Table 2. Validity and reliability of research instruments
Source: Data processing results (2025).

Variable Indicator Loading Factor Cronbach’s Alpha Assessment

Perceived Ease of Use 

(X1)

X1.1 0.626

0.640 Valid and Reliable

X1.2 0.601

X1.3 0.593

X1.4 0.456

X1.5 0.566

X1.6 0.482

X1.7 0.485

X1.8 0.503

Perceived Usefulness (X2)

X2.1 0.764

0.884 Valid and Reliable

X2.2 0.841

X2.3 0.832

X2.4 0.767

X2.5 0.873

X2.6 0.637

X2.7 0.651

Impulsive Usage (Y1)

Y1.1 0.851

0.885 Valid and Reliable

Y1.2 0.838

Y1.3 0.894

Y1.4 0.625

Y1.5 0.647

Y1.6 0.811

Y1.7 0.713

Compulsive Usage (Y2)

Y2.1 0.663

0.899 Valid and Reliable

Y2.2 0.823

Y2.3 0.587

Y2.4 0.698

Y2.5 0.902

Y2.6 0.734

Y2.7 0.840

Y2.8 0.788

Y2.9 0.781

Y2.10 0.454
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evaluated using Cronbach’s Alpha and compos-
ite reliability (Fornell & Larcker, 1981; Hair et 
al., 2013). The measurement model was evaluated 
prior to the structural model analysis to ensure 
the adequacy of the constructs used in this study. 
The results of the validity and reliability assess-
ment demonstrate that all constructs meet accept-
able thresholds, indicating that the measurement 
model is appropriate for further analysis. Table 2 
presents the detailed results of construct validity 
and reliability.

Data analysis was conducted using covariance-
based Structural Equation Modeling (CB-SEM) 
with AMOS version 24. This approach is appro-
priate for theory testing and model confirmation, 
as it enables simultaneous estimation of measure-
ment and structural models while accounting for 
measurement error. Model fit was evaluated us-
ing multiple goodness-of-fit indices, including 
Chi-square/df, RMSEA, GFI, AGFI, CFI, and TLI, 
to ensure an acceptable level of model adequacy 
(Dash & Paul, 2021; Hair et al., 2013).

All participants were informed about the purpose 
of the study prior to participation and provided 
informed consent. Respondent anonymity was 
strictly maintained, and no personally identifi-
able information was collected. Participation was 
entirely voluntary, and respondents were free to 
withdraw at any stage. The dataset used in this 
study is original and has not been used in any 

prior publication. The questionnaire used in this 
study is available upon request from the author.

3. RESULTS

The results of the structural model evaluation are 
presented in this section. Prior to hypothesis test-
ing, the overall model fit was assessed to ensure 
that the proposed model adequately represented 
the observed data. Figure 2 presents the struc-
tural model illustrating the relationships among 
perceived ease of use (PEU), perceived useful-
ness (PU), impulsive usage (IU), and compulsive 
usage (CU), along with standardized estimates 
after the Goodness of Fit (GoF) test. The model 
demonstrates an excellent fit, as indicated by the 
goodness-of-fit indices (χ2/df = 1.359; RMSEA 
= 0.032; GFI = 0.973; AGFI = 0.950; TLI = 0.981; 
CFI = 0.988), all of which meet the recommended 
threshold values. These results indicate that the 
proposed model is appropriate for structural anal-
ysis and hypothesis testing.

Table 3 presents the results of the structural model 
analysis. Perceived ease of use (PEU) has a posi-
tive and significant effect on impulsive usage (IU) 
(β = 0.511, C.R. = 9.933, p < 0.001), supporting H1. 
Likewise, perceived usefulness (PU) positively in-
fluences impulsive usage (β = 0.523, C.R. = 8.196, p 
< 0.001), supporting H2. The results further indi-
cate that perceived ease of use significantly affects 

Source: Data processing results (2025).

Note: Df = 43; Chi-square = 58.441; RMSEA = 0.032; CMIN/DF = 1.359; GFI = 0.973; AGFI = 0.950; TLI = 0.981; CFI = 0.988; PGFI 
= 0.536; PNFI = 0.623.

Figure 2. Structural model
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compulsive usage (CU) (β = 0.187, C.R. = 7.933, p 
< 0.001), supporting H3. Similarly, perceived use-
fulness exerts a positive and significant influence 
on compulsive usage (β = 0.511, C.R. = 6.196, p < 
0.001), supporting H4. Furthermore, impulsive us-
age has a positive and significant effect on compul-
sive usage (β = 0.140, C.R. = 4.311, p = 0.021), sup-
porting H5. These findings indicate that all direct-
effect hypotheses (H1-H5) are supported.

Table 4. Indirect effects analysis

Source: Data processing results (2025).

Relationship Path Coefficients Indirect Effect (β)
PEU → IU → CU 0.511 × 0.140 0.072

PU → IU → CU 0.523 × 0.140 0.073

Total Indirect Effect – 0.145

Table 4 presents the indirect effects of perceived 
ease of use (PEU) and perceived usefulness (PU) 
on compulsive usage (CU) through impulsive us-
age (IU). The indirect effect of PEU on CU through 
IU was 0.072, while the indirect effect of PU on 
CU through IU was 0.073. The total indirect effect 
was 0.145, indicating that impulsive usage serves 
as a mediating mechanism linking cognitive per-
ceptions of digital banking applications to com-
pulsive usage behavior.

4. DISCUSSION

The findings of this study demonstrate that per-
ceived ease of use (PEU) and perceived usefulness 
(PU) significantly influence impulsive usage (IU), 
indicating that users are more likely to engage in 
spontaneous interactions when digital banking 
systems are perceived as accessible and beneficial. 
This result is consistent with prior studies in digi-
tal and fintech contexts, which show that reduced 
cognitive effort and increased perceived value ac-
celerate user responses and encourage impulsive 
behavior (Alalwan, 2018; Budiyanto et al., 2025; 
Lee et al., 2022; Zhao & Khaliq, 2024). However, 
while previous research has primarily emphasized 
positive outcomes such as adoption and satisfac-
tion, the present study extends these findings by 
demonstrating that the same cognitive factors 
may also stimulate impulsive behavioral respons-
es, highlighting a dual role of TAM constructs in 
both facilitating usage and increasing behavioral 
vulnerability.

Furthermore, the results indicate that perceived 
usefulness has a stronger direct effect on com-
pulsive usage (CU) compared to perceived ease 
of use. This finding supports prior research sug-
gesting that functional value and performance 

Table 3. Full model analysis

Source: Data processing results (2025).

Model
Estimate

S.E. C.R. P
RW SRW

IU ← PEU 0.500 0.511 0.111 9.933 ***

IU ← PU 0.310 0.523 0.231 8.196 ***

CU ← PEU 2.039 0.591 0.187 7.933 ***

CU ← PU 1.807 0.549 0.511 6.196 ***

CU ← IU 2.635 0.981 0.140 4.311 .021

EL ← PEU 1.000 0.663

F ← PEU 1.084 0.717 0.125 8.672 ***

CL ← PEU 0.863 0.829 0.100 8.629 ***

FIT ← IU 1.000 0.639

UX ← IU 1.009 0.747 0.094 10.750 ***

ES ← IU 0.707 0.822 0.074 9.562 ***

IE ← PU 1.000 0.806

TQ ← PU 0.681 0.838 0.072 9.510 ***

R ← PU 0.659 0.554 0.068 9.697 ***

FA ← CU 1.000 0.648

EA ← CU 0.513 0.797 0.052 9.912 ***

FU ← CU 0.633 0.539 0.057 11.184 ***

Note: RW = Unstandardized Regression Weight; SRW = Standardized Regression Weight; S.E. = Standard Error; C.R. = Critical 
Ratio; *** indicates p < 0.001.
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expectancy are key drivers of repeated and inten-
sive usage behavior in digital services (Ma et al., 
2024; Venkatesh et al., 2012). At the same time, 
this study extends existing literature by showing 
that perceived usefulness not only encourages 
continued usage but may also contribute to exces-
sive behavioral patterns. In contrast, the relatively 
weaker effect of perceived ease of use suggests that 
simplicity alone is insufficient to drive compulsive 
behavior without perceived benefits.

Moreover, impulsive usage is found to have a sig-
nificant but relatively small effect on compulsive 
usage, suggesting that the transition from spon-
taneous to compulsive behavior is not as strong 
as commonly assumed in consumer behavior lit-
erature. While prior studies often propose a direct 
progression from impulsive to compulsive behav-
ior, the present findings indicate a more complex 
relationship, where impulsive tendencies contrib-
ute to compulsive usage but do not act as the pri-
mary driver. This result is consistent with research 
highlighting the role of additional psychological 
factors, such as self-control and emotional regula-
tion, in shaping excessive behavior (Balcerowska & 
Brailovskaia, 2024; Kuss & Griffiths, 2011; Mamun 
et al., 2025), thereby refining the understanding of 
behavioral mechanisms in digital contexts.

Another important finding is that perceived ease 
of use and perceived usefulness also have direct 
effects on compulsive usage, indicating that com-
pulsive behavior may emerge not only through 
impulsive mechanisms but also directly from 
cognitive evaluations of digital systems. This sup-
ports prior research suggesting that continuous 
exposure to efficient and rewarding digital envi-

ronments reinforces habitual and repetitive usage 
patterns (Addae et al., 2025; Huang & Rust, 2021; 
Yuan et al., 2025). In the context of digital banking, 
this implies that system efficiency and functional 
benefits can unintentionally encourage excessive 
usage, even in the absence of strong impulsive 
tendencies.

From a theoretical perspective, these findings ex-
tend the Technology Acceptance Model (TAM) 
by incorporating post-adoption behavioral out-
comes, particularly impulsive and compulsive us-
age. While prior studies have largely focused on 
positive outcomes such as intention, satisfaction, 
and continued usage (Dwivedi et al., 2021; Förster, 
2024), this study highlights the potential unin-
tended consequences of technology acceptance. 
This contributes to the literature by integrating 
cognitive and behavioral perspectives, offering a 
more comprehensive understanding of how digi-
tal technologies influence not only adoption but 
also behavioral control.

From a practical perspective, the findings suggest 
that digital banking providers need to balance 
system performance with responsible design con-
siderations. While improving usability and func-
tionality enhances user engagement, it may also 
increase the risk of excessive and uncontrolled 
usage behavior. Therefore, financial institutions 
should consider implementing behavioral control 
mechanisms, such as usage monitoring, transac-
tion alerts, and digital nudges, to encourage more 
responsible financial behavior. This aligns with re-
cent research emphasizing the importance of inte-
grating performance with user well-being in digi-
tal services (Giang et al., 2024; Kumar et al., 2019).

CONCLUSION

This study examined the effects of perceived ease of use and perceived usefulness on compulsive digital bank-
ing behavior, with impulsive usage acting as a mediating mechanism. The results indicate that both perceived 
ease of use and perceived usefulness have significant positive effects on impulsive usage (β = 0.511; β = 0.523) 
and compulsive usage (β = 0.187; β = 0.511). In addition, impulsive usage has a positive but relatively small ef-
fect on compulsive usage (β = 0.140), indicating that its contribution is present but limited.

These findings suggest that perceived usefulness plays a more dominant role than perceived ease of use 
in driving compulsive digital banking behavior. This implies that users are more likely to engage in 
repeated and intensive usage due to the functional value obtained from digital banking services rather 
than merely the ease of interaction.
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From a broader perspective, the results indicate that cognitive evaluations of digital banking systems 
may not only enhance efficiency and user engagement but also contribute to increased behavioral in-
tensity, which may pose potential risks to users’ financial control. Therefore, digital banking providers 
should consider integrating system performance with responsible design strategies, such as usage moni-
toring and behavioral control mechanisms, to promote more sustainable user behavior.

Future research is encouraged to incorporate additional variables, such as self-control, financial literacy, 
and emotional regulation, to provide a more comprehensive understanding of compulsive usage behav-
ior. Furthermore, longitudinal and experimental approaches are recommended to better capture causal 
relationships and behavioral changes over time in digital financial environments.
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