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Abstract 

Investor behavioral factors determine the investment decisions of individual investors 
in the stock market. The study investigated behavioral factors driving investment deci-
sions in Nepal’s stock market, contributing to existing literature. The behavioral factors 
comprise heuristics, prospects, and herding as predictors and investment decisions as a 
response variable. Thus, the study adopted a descriptive and analytical research design 
to test the research hypotheses and resolve the research questions and issues. A survey 
was conducted among individual investors registered with Nepal’s trading manage-
ment system (TMS). A total of 526 structured questionnaires were distributed to tar-
geted respondents, and only 350 useful questionnaires (66.54 percent) were received. 
The survey data of cross-sectional type were encompassed with a random clustering 
sampling method for this study. Further, the study employed descriptive statistics to 
depict the characteristics of respondents’ profiles, correlation analysis to assess the as-
sociation between predictors and response variables, and linear regression analysis to 
investigate the impact of predictors on response variables. Similarly, Cronbach’s alpha 
was tested to observe reliability in the study. The survey findings showed a positive 
and significant association between heuristics and investment decisions (β = 0.088, p 
< 0.05). The prospect is positively linked with the individual’s investment decision but 
found insignificant (β = 0.011, p > 0.05). Finally, herding found a positive and signifi-
cant association with investment decisions (β = 0.235, p < 0.05). The findings of this 
study contribute to existing theory and can be a benchmark for decision-makers and 
policymakers, investors, and others. 
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INTRODUCTION 

The investment decision is a challenging step for each investor in 
the stock market. Individual investors are increasing rapidly in 
stock market businesses. The expectation of generating a better re-
turn on the invested capital is a key driving force that stimulates 
investors. Moreover, the trading of shares contributes to the cre-
ation of wealth, the growth of the economy, and the allocation of 
capital. An essential aspect of finance by personal endeavor does 
play a significant role in national economic development as it fos-
ters long-term growth, income generation, diversification, and risk 
management. 

Moreover, behavioral aspects in stock market investment deci-
sions are extremely important since they serve as the foundation 
for making investment decisions. Similarly, behavioral finance pri-
marily concerns psychological and emotional elements while mak-
ing financial decisions (Fateye et al., 2024). Conversely, predicting 
individual investor’s behavior is a major challenge in investing 
decision-making. In addition, the market dynamics substantially 
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influence the cognitive decision-making process of investors, and the economic prosperity of the 
country is closely related to the expansion of the stock market (Gay, 2008; Rehan et al., 2021; Thi 
My Dung & Thi Thu Ggan, 2024). 

Additionally, the investment sector comprising the share trading sector has a turbulent and rapid 
shift in its pricing mechanism, which is influenced by regulatory provisions, behavioral finance, mar-
ket sentiment, and the advent of sophisticated technologies (Ababio, 2019; Ballis, & Drakos, 2022; 
Sungkawaningrum et al., 2022; Diem et al., 2023; Almansour et al., 2023). Importantly, several factors 
influence individuals’ decisions to invest in the stock market. In particular, human preferences and 
choices follow different options throughout their lives; certain preferences and selection procedures of 
individuals reveal essential effects. However, many studies investigated the behavioral factors affecting 
the decision-making of individual investors in the stock market, but there are still inconsistencies in the 
findings, and need to be re-investigated in the Nepalese context (Sargent, 1993; Mahamood et al., 2020). 

1. LITERATURE REVIEW 

  Heuristics are essentially recommendations 
that make difficult jobs easier to complete, 
such as estimating values and calculating like-
lihood. This is especially important in com-
plex and uncertain scenarios. The four main ele-
ments of heuristics are overconfidence, availabil-
ity bias, anchoring, and representativeness. They 
are an example of a learning-by-doing method in 
which people gain general guidelines from expe-
rience. This idea is applied to investor decision-
making in the field of behavioral finance, which 
acknowledges that investors frequently pick up 
their own set of guidelines through trial and error. 
In such situations that are complicated and unpre-
dictable, heuristics offer straightforward, practi-
cal guidelines to help with decision-making. This 
supports people in overcoming difficult obstacles 
and making wise decisions even in the face of in-
complete knowledge (Kannadhasan, 2014). While 
these principles are frequently beneficial, they can 
also lead to systematic cognitive biases. 

Therefore, people use heuristics, which are gen-
eralized concepts, to help them make decisions 
in situations that are unclear or complex (Ritter, 
2003). Tversky and Kahneman (1974) identified 
representativeness, availability bias, and anchor-
ing as the three fundamental heuristic dimen-
sions. This approach has since been extended to 
include two more heuristics: overconfidence and 
the gambler’s fallacy (Waweru et al., 2008). The 
degree of similarity between an event and the 
population is measured by representativeness. 
According to Ritter (2003), biases like the propen-

sity to overemphasize current events and ignore 
long-term averages might result from represen-
tativeness. The “gambler’s fallacy” is a prime ex-
ample of this bias, which is the false notion that 
a particular random event is less likely to hap-
pen following a string of like results (Banz, 1981). 
When stock market speculators mistakenly pre-
dict the end of protracted market uptrends or 
downtrends, it is known as the gambler’s fallacy. 
Because different starting points produce differ-
ent results, anchoring happens when people base 
their estimates on initial values, which can result 
in skewed assessments (Tversky & Kahneman, 
1974). The establishment of a reference point for 
value by recent data points is known as anchor-
ing in financial markets. Self-confident people 
tend to overestimate their skills, knowledge, and 
information accuracy. This can result in an over-
estimation of their influence over circumstances 
and an overly optimistic outlook for the future 
(Camerer & Lovallo, 1999; Hirshleifer, 2001; 
Glaser & Weber, 2007). Additionally, availability 
refers to the overuse of easily accessible informa-
tion by investors (Waweru et al., 2008). Prior re-
search demonstrated a strong and favorable cor-
relation between heuristics and investment choic-
es (Barberis & Thaler, 2003; Abreu & Mendes, 
2012; Pahlevi & Oktaviani, 2018; Mago & Thakur, 
2020; Dao et al., 2021). The evidence revealed that 
individuals pursue heuristic behavior while mak-
ing investment decisions and have a great role in 
stock investment decisions, mainly in uncertain 
environments. It shows that the behavioral role of 
heuristic behavior became indispensable for es-
tablishing more informed and intellectual stock 
market decisions for investment. 
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Next, individual decision-making is impacted by 
subjective elements, according to prospect theory. 
Decision-making processes can be impacted by 
mental states like regret aversion, loss aversion, 
and mental accounting (Christie & Huang, 1995). 
Importantly, prospect theory investigates how an 
investor’s personal system of valuing affects their 
choices. It highlights a number of mental states 
that might influence personal decisions, such as 
regret aversion, loss aversion, and mental account-
ing (DeBondt & Thaler, 1995). Thus, a descrip-
tive model of economic behavior, prospect theo-
ry offers an alternative to the normative rational 
choice model that is frequently employed in re-
search on risk-averse decision-making. It includes 
a comprehensive method of decision-making that 
takes into account a range of viewpoints.

The prospect hypothesis, first stated by Tversky 
and Kahneman (1974), observed that people 
have an irrational proclivity to gamble less when 
winning than when losing. However, others dis-
agreed with this notion, claiming that it more 
accurately depicts how people naturally respond 
when faced with uncertainty, risks, and insecu-
rity. People tend to value certainty and choose 
results that seem more foreseeable. Investors 
frequently behave risk-averse in win situations 
and risk-seeking in loss situations. This risk pref-
erence isn’t always applied in all circumstances 
(Lindblom, 2004). Filbeck et al. (2005) reflected 
that the former appears to provide insight into 
investors’ subjective decision-making, whilst the 
latter focuses on relatively realistic and normal 
expectations. There are substantial distinctions 
between Prospect theory and EUT. 

First, value maximization operates as a pure val-
ue in Prospect theory; in EUT, it is referred to 
as a utility (Langevoort, 1997). Traditional eco-
nomic theory and prospect theory have differ-
ing definitions of wealth maximization. Prospect 
theory highlights the particular values connect-
ed to gains and losses, whereas traditional theo-
ry concentrates on the ultimate wealth position. 
Furthermore, individuals are risk averse in the ar-
ea of gains, according to Tversky and Kahneman 
(1979) concave value function theory. The value 
function is convex for losses, on the other hand, 
suggesting that risk-seeking behavior occurs in 
the loss domain. It was discovered that, whereas 

wealth functions for profits and losses appear larg-
er and have steeper slopes, they eventually have 
equal values. When faced with uncertainty and 
likelihood in the same setting, people react differ-
ently than when faced with obvious and secure re-
sults. This is especially true in terms of earnings 
and losses. Conversely, the psychological elements 
that affect a person’s decision-making process, 
such as regret aversion, loss aversion, and men-
tal accounting, are explained by prospect theory 
(Waweru, 2003). Additionally, when losses have 
a greater psychological impact than comparable 
gains, this is known as loss aversion. Losses can 
cause more emotional misery for people than the 
joy that comes with comparable gains (Barberis & 
Huang, 2001). Several studies have revealed that 
people experience greater anxiety and anguish 
when presented with the chance of losing rather 
than contemporaneous profits (Barberis & Thaler, 
2003). Historically, both positive and negative re-
turns have tended to promote unfavorable trends 
in selling factors and capital losses for investors 
(Lehenkari & Perttunen, 2004 ). Prospect theory 
and investment decision-making have a strong 
and positive correlation, according to empirical 
data from earlier studies. According to prospect 
theory, studies have demonstrated that people fre-
quently stray from making logical decisions due 
to emotional and cognitive biases. These biases, 
which include the framing effect and loss aversion, 
can have a big influence on investment decisions 
and provide less-than-ideal results. Investors can 
make more logical and informed choices by be-
ing aware of these psychological aspects (Singh & 
Malhotra, 2016; Edirisinghe et al., 2017; Pahlevi & 
Oktaviani; 2018; Pertiwi et al., 2020; Rajeshwaran, 
2020; Barno & Tuwei, 2020; Nguyenn & Nguyenn, 
2020; Yadav et al., 2023). The empirical evidence 
of these previous researches depicted that pros-
pect has significant implications in the decision-
making of investment, especially in the stock mar-
ket, as this aspect of behavior describes how a per-
son entering into a share market makes decisions 
scanning risk and uncertainty for potential profit 
or challenges. 

Humans generally display herding behavior be-
cause they tend to mimic the actions of others. 
This is characterized as those who conceal their 
ideas and base all of their investing decisions only 
on the market’s collective behavior, even if they 
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disagree with the projections (Christie & Huang, 
1995). Herding could be the driving factor behind 
stock trading, providing momentum. Nonetheless, 
the effects of herding may reduce at some point 
since it may become more expensive to follow the 
herd to earn gradually higher abnormal returns. 
An individual investor’s disposition effect, over-
confidence, and herding behavior can all influence 
their investment selections (Waweru et al., 2008). 
These factors include buying, selling, selecting a 
company, holding it for a longer period, and the 
amount of stock they trade. These aspects include 
purchasing and selling, selecting a company, hold-
ing it for an extended period, and the volume of 
shares traded. Herding indicators were created by 
Christie and Huang (1995) to explain the observed 
propensity of mutual fund managers to mimic one 
another’s investment choices, especially in times 
of high volatility or market uncertainty. 

The propensity of investors to imitate the behav-
ior of others in financial markets is known as the 

“herding effect.” Stock prices may diverge from 
their actual worth as a result of investors priori-
tizing group knowledge above individual analy-
sis. This issue may make it more difficult to find 
possibilities for investments that are undervalued. 
Because herding behavior may affect stock price 
volatility and the underlying assumptions of risk 
and return models, which may call into question 
the fundamentals of asset pricing theory, scholars 
investigate it (Tan et al., 2008). Several psycho-
logical biases, such as conformity, information 
cascades, and home bias, might affect herding 
behavior. Investors may participate in herding if 
they think it will lower uncertainty or give them 
useful information. Analysts and fund manag-
ers, among other financial professionals, are fre-
quently judged in comparison to their colleagues. 
Because people may copy the tactics of their suc-
cessful peers to improve their performance and 
reputation, this might encourage herding behavior 
(Kallinterakis et al., 2010).

Herding investors base their stock market judg-
ments more on the actions of other investors than 
on their analysis. The behaviors of herding inves-
tors can lead to speculative bubbles and market 
inefficiencies, even though knowledgeable inves-
tors often oppose herd mentality. This behavior 
is comparable to early humans, who frequently 

lacked a thorough awareness of their surround-
ings and depended on community dynamics for 
survival. Due to the possibility of missing out on 
lucrative chances or purchasing overpriced assets, 
the herding tendency might result in less-than-
ideal investing choices (Caparrelli et al., 2004). An 
investor’s tendency to engage in herding behavior 
can be influenced by many factors, such as over-
confidence, investment volume, and other psy-
chological biases. Investors who are overconfident 
and more prone to trust their instincts are less 
likely to follow other people’s lead. On the other 
hand, investors who have made large investments 
might be more likely to use the herd as a risk-re-
duction tactic. Furthermore, the degree of herding 
behavior may vary throughout investor types. For 
example, institutional investors, who frequent-
ly access more advanced analysis and resources, 
may be less vulnerable to herding than individual 
investors (Goodfellow et al., 2009). Herding be-
havior and investing decisions are positively and 
significantly correlated by empirical studies reg-
ularly. According to studies, investors frequently 
have a propensity to imitate the behavior of oth-
ers, especially when there is uncertainty or mar-
ket volatility. When investors follow the actions of 
others without doing their research, this herding 
behavior can result in information cascades and 
worse-than-ideal investing outcomes. For both 
investors and policymakers, it is essential to com-
prehend the elements that impact herding behav-
ior and how it impacts market dynamics (Singh & 
Malhotra, 2016; Chen & Demirer, 2017; Rasheed 
et al., 2018; Pahlevi & Oktaviani, 2018). The evi-
dence of the previous findings based on the role 
of herding behavior in the stock investment de-
cision-making process depicted that herding is 
considered a tendency of investors to pursue the 
steps and decision-making mechanism of a larger 
group in the market linking with psychological 
and social factors comprising fear of mission out, 
incorrect decision or assuming that a larger group 
possesses superior information. 

Moreover, investors’ investment decisions refer 
to the commitment of resources exerted with the 
expectation of future benefit notwithstanding 
market uncertainty (Briston & Liverside, 1979). 
Additionally, this study suggests using investor 
satisfaction with investment choices to gauge the 
success of investments. Return on investment and 
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other metrics are typically used to assess the per-
formance of investments. By taking into account 
both psychological and financial aspects, investor 
satisfaction might offer a more thorough evalua-
tion of investment results, according to this study.

However, recent research on financial behavior 
demonstrates that people’s emotional preferences, 
deeply ingrained cognitive patterns, and psycho-
logical biases influence their perception of reality 
and investment decision-making (Ritter, 2003). 
The structural model is then tested by utilizing 
various behavioral elements (heuristics, prospect, 
and herding) as independent variables and invest-
ing decision as the dependent variable. Investor 
decision-making and subsequent stock market in-
vestment outcomes are known to be significantly 
influenced by heuristics, investor sentiment, mar-
ket dynamics, and herding behavior (Waweru et 
al., 2008). Based on the previous studies findings, 
the following research hypotheses have been de-
veloped for the study: 

H
1
: There is a significant impact of heuristics on 

investment decisions.

H
2
: There is a significant impact of prospects on 

investment decisions.

H
3
: There is a significant impact of herding on in-

vestment decisions.

The research framework clearly defines the study’s 
dependent and independent variables. (Barberis & 
Huang, 2001). The following framework is a con-
ceptual framework. In the framework, the predic-

tors and response variables are categorized into 
two different groups. The predictors’ variables 
are herding, heuristics, and prospects, whereas 
the response variable is an investment decision. 
Examining how investor behavior affects stock 
market investing decisions is the main goal of this 
research. Figure 1 presents the study framework, 
which offers an organized method for investigat-
ing this link.

The conceptual framework for investment choice 
is used to represent the links between predictors 
and response variables. The predictors in this 
study include heuristics, prospects, and herding. 

2. METHODS

This study aims to examine how individual in-
vestors in the Nepalese market make judgments 
about their stock market investments based on 
behavioral characteristics. One can learn more 
about how investors make decisions by compre-
hending these elements. In particular, this study 
investigates how the prospect dimension, herding 
behavior, and heuristics affect investing choic-
es. To test the research hypotheses and answer 
the research questions, descriptive and analyti-
cal research designs were employed in the study 
(Hvide, 2002). The study’s target group consists 
of all Kathmandu-based individual investors who 
have opened a Trade Management System (TMS) 
account with a Nepalese brokerage house, either 
directly or via a broker (Lai, 2001). Recently, 90 
registered broker companies have been operating 
stock trading services in Nepal (SEBON, 2024). 

Source: Ritter, Ritter (2003).

Figure 1. Research framework of the study

Investment 

Decision 

Heuristic

Prospect

Herding

H
1

H
2

H
3

Dependent Variable Independent Variables 
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The study purposefully undertook the general in-
vestors of the secondary capital market as the tar-
get population. General investors are those inves-
tors who invest in the secondary capital market 
(Gurung, 2020). There were 3,283,966 investors in 
the secondary market, the Nepal Stock Exchange 
(NEPSE) (SEBON, 2024). Slovin’s formula was used 
to calculate sample size at a 5 percent level of signif-
icance as suggested by (Aziz et al., 2024). The sam-
ple was chosen using a random multi-stage cluster 
sampling technique. Structured questionnaires 
were sent to a randomly chosen group of brokerage 
firms in order to gather information from individ-
ual investors. 370 individual stock market investors 
were the expected sample size for this study.

Potential participants were given a total of 526 
questionnaires; 350 of them were judged appro-
priate for analysis. Using a five-point Likert scale, 
a structured questionnaire was used to gather pri-
mary cross-sectional data. On the Likert scale, 
1 represented “strongly disagree,” and 5 repre-
sented “strongly agree.” The statements of differ-
ent predictors and response variables used in the 
study were adapted from different scholars. The 
predictors variable, herding, and heuristics were 
extracted from (Kahneman & Tversky, 1979), 
and statements of prospect were extracted from 
(Ritter, 2003). Furthermore, the response variable 
investment decision statement was adapted from 
(Ongeta & Nasution, 2021). Further, background 
factors were examined using descriptive statistics, 
such as frequency and percentage analysis. The as-
sociations between variables were examined, and 
the study hypotheses were tested using inferential 
statistical techniques such as multiple regression 
analysis and correlation analysis (Kahneman & 
Tversky, 1979; Ritter, 2003; Wisniewski, 2009).

Model Specification 

1 2 3 ,
i

ID HT PRP HD eα β β β= + + + +  (1)

where ID – Investment Decision, HT – Heuristics, 
PRP – Prospect, and HD = Herding.

3. RESULTS 

The results of the reliability test are shown in  
Table 1. Based on five items, the heuristic con-
struct’s Cronbach’s alpha coefficient is 0.675. In a 

similar vein, the prospect construct (four items) 
has Cronbach’s alpha of 0.821, the herding con-
struct is 0.644, and the investment decision con-
struct is 0.770 (three items). Since the Cronbach’s 
alpha coefficient values are higher than the usually 
recognized lower limit of 0.6, the reliability of the 
questionnaire items is considered satisfactory.

Table 1. Cronbach’s alpha 

Variable Cronbach’s Alpha Number of Items

Heuristic 0.675 5

Prospect 0.821 4

Herding 0.644 4

Investment Decision 0.770 3

The demographic profile of 350 respondents is 
shown in Table 2. There were 172 (49 percent) fe-
male respondents and 178 (51 percent) male re-
spondents in the sample. The majority of partici-
pants in the age group between 26 to 35 years was 
125 (35.71 percent), and the least age group was 
above 55 years, a total of 8 (5.14 percent). Similarly, 
the leading group of survey participants were 
those who had completed a bachelor’s degree, 160 
people (45.71 percent), and the least was below 
tenth standard (SEE) 4 (1.14 percent). Moreover, 
the monthly income of survey respondents with 
a higher income level was between NRS 10,001 to 
20,000, depicting 98 (28.00 percent), and the mini-
mum earner below NRS 10,000 was 26 (7.43 per-
cent). Finally, of those surveyed, 69 (19.71 percent) 
had more than ten years of trading experience, 
while the majority 198 (56.57 percent) had fewer 
than five.

Table 3 shows participants’ knowledge of stock 
market movements, particularly bull and bear 
markets. The vast majority of respondents 321 
(91.00 percent) showed that they were aware of 
these changes in the market. However, only a few 
29 (9.00 percent) reported that they did not fully 
understand the technical elements associated with 
bull and bear markets.

Table 4 shows the respondents’ knowledge of the 
stock market’s transaction settlement processes. 
Eighty-nine percent 279 (89.00 percent) of those 
surveyed understood the transaction settlement 
process. Only 71 (11.00 percent) of respondents, 
on the other hand, reported being unaware of or 
having a poor comprehension of this procedure. It 
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should be noted that investors must have a solid 
understanding of transaction settlement proce-
dures in order to properly manage their invest-
ments and reduce any risks.

Table 3. Respondents’ understanding  

of the stock market 

Understanding of Bull & 

Bear Market
Frequency Percentage

Yes 321 91.00

No 29 9.00

Total 350 100.00

Table 4. Awareness of respondents  

for transaction settlement 

Awareness for 

Transaction Settlement Frequency Percentage

Yes 279 89.00

No 71 11.00

Total 350 100.00

The association between the response variable 
(investment decision) and the predictor factors 
(heuristics, prospect theory, and herding behav-
ior) was evaluated using correlation analysis. The 
direction and intensity of the linear relationship 
between variables can be determined with the use 
of correlation analysis. Whereas a weak correla-

tion implies a weaker relationship, a significant 
positive or negative correlation shows a substan-
tial association between the variables. One can 
learn more about the elements influencing invest-
ment decision-making by comprehending these 
relationships.

Table 5. Correlation matrix 

Variables (1) (2) (3) (4)

Heuristics 1.000

Prospect .434** 1.000

Herding .324** .438** 1.000

Investment Decision .524** .481** .690** 1.000

Table 5 reveals Pearson’s correlation coefficient 
which reflects the strength of the association be-
tween the predictors and response variables. It 
shows that there is a positive correlation between 
heuristics and investment decisions. It exhibits that 
as individuals’ heuristic behavior rises, it accelerates 
investment decisions. Similarly, the association be-
tween prospect and investment decision was found 
to be positively associated. It displays that as pros-
pects rise, it boosts individuals’ investment deci-
sions in stock market trading. Finally, herding and 
investment decisions found a positive relationship, 
depicting that an increase in herding leads to boost-
ing investment decisions in a positive direction. 

Table 2. Profile of respondents

Demographic Variables Classification Frequency Percentage

Gender
Male 178 51.00

Female 172 49.00

Age Group

18-25 64 18.29

26-35 125 35.71

36-45 86 24.57

46-55 57 16.29

Above 55 Years 18 5.14

Education Level

Under SEE/SLC 4 1.14

SLC 24 6.86

10+2 60 17.14

Bachelor 160 45.71

Master and Above 102 29.14

Monthly Income (NRS)

Below 10,000 26 7.43

10,001 – 20,000 98 28.00

20,001 – 30,000 89 25.43

30,001 – 40,000 45 12.86

40,001 – 50,000 46 13.14

Above 50,000 46 13.14

Trading Experience
Below 5 198 56.57

5 to 10 83 23.71

Above 10 69 19.71

Total 350 100.0
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A regression analysis was performed to investigate 
the influence of the predictor variables (heuristics, 
prospect theory, and herding behavior) on the re-
sponse variable (investment decision), and the find-
ings are shown in Table 6. Data gathered from 350 
respondents served as the basis for the analysis. This 
study aimed to look into the behavioral aspects of 
the Nepalese stock market that affect the choices 
made by individual investors. 

Heuristics and herding behavior significantly influ-
ence investing decisions, according to the regression 
study, whereas prospect theory has no statistically 
significant effect. This implies that when Nepalese 
investors make investment decisions, they might 
mostly rely on social influence and basic guidelines. 
Heuristics’ beneficial effects show that investors fre-
quently use mental shortcuts and biases to make 
decisions instead of carrying out in-depth research. 
Likewise, herding behavior’s strong influence im-
plies that investors frequently imitate the behavior 
of others, particularly in uncertain times. This may 
result in information cascades, where investors may 
disregard their analysis and make irrational judg-
ments based on the behavior of others.

Although this study did not find prospect theory to 
be a major predictor of investment decisions, it is 
crucial to remember that it is a complicated theory 
with many different aspects influencing decision-
making. More investigation might be required to in-
vestigate the particular facets of prospect theory that 
might influence investing behavior in the Nepalese 
environment. Indeed, the study’s conclusions em-
phasize how critical it is to comprehend the psycho-
logical aspects that affect investor behavior. Investors 
can make more informed and logical financial deci-
sions by recognizing and resolving these biases.

Regression model

1 2 31.181 0.088 0.011 0.235 ,
i

ID eβ β β= + + + +  (2)

4. DISCUSSION

This study aimed to look into how prospects, herd-
ing, and heuristics affect investing choices. The 
results showed that heuristics significantly im-
proved investment choices, indicating that heu-
ristic behavior positively influences stock market 
decision-making. This result is consistent with 
earlier research findings (Barberis & Thaler, 2003; 
Abreu & Mendes, 2012; Pahlevi & Oktaviani, 2018; 
Mago & Thakur, 2020; Dao et al., 2021). It reveals 
that heuristic behavior is vital in investment de-
cision-making, especially during vague, complex, 
and turbulent financial market situations. It sug-
gests embracing the cognitive procedure of in-
vestors as a rule of thumb in the financial invest-
ment decision-making process as this cognitive 
path benchmark in navigating the complexities 
of stock markets. Similarly, prospects positively 
affected investment decisions but were found in-
significant. It indicated that prospect positively in-
fluences the investment decisions of individuals in 
the stock market. This finding is consistent with 
previous empirical findings (Singh & Malhotra, 
2016; Pahlevi & Oktaviani; 2018; Pertiwi et al., 
2020; Rajeshwaran, 2020; Barno & Tuwei, 2020; 
Nguyenn & Nguyenn, 2020; Yadav et al., 2023). It 
suggests that the behavioral aspect encompassing 
the prospect behavior of investors became another 
key influencing element in investment decisions in 
the stock market, which generally leads to avoid-
ing excessive risk and securing capital. Further, 
understanding prospect behavior recommends 
mitigating the probable adverse effects, and stock 
market investors can draw more rational and ben-
eficial investment decisions and parallel emphasis 
on emotional responses with analytical decision-
making that manifest a path to achieve success 
in the long-term stock market. Finally, herding is 
positively and significantly associated with invest-
ment decisions, indicating the positive influence 
of herding on investment decisions among the in-

Table 6. Regression coefficients 

Coefficients Unstandardized Coefficients Standardized Coefficients
t Sig. Adjusted R2 F Sig

B Std. Error Beta

(Constant) 1.181 0.126 9.372 0.000

0.677 138.458 0.00
Heuristics 0.088 0.035 0.113 2.522 0.012

Prospect 0.011 0.037 0.013 0.296 0.768

Herding 0.235 0.041 0.283 5.740 0.000

Note: a. Dependent Variable: Investment decision.
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dividual investors of the share market. This find-
ing aligns with previous studies’ findings (Singh 
& Malhotra, 2016; Rasheed et al., 2018; Pahlevi & 
Oktaviani, 2018). It indicates that herding behav-
ior reflects the investors’ tendency to pursue the 

action of the majority instead of making indepen-
dent decisions relying on the analysis of individ-
ual investors. Additionally, herding behavior can 
drive the benefits for the short term by capitaliz-
ing on trends in the market. 

CONCLUSION

This study examined how individual investors in Kathmandu, Nepal, make decisions about their 
investments based on heuristics, prospects, and herding. Descriptive statistics were used to exam-
ine the respondents’ general characteristics; linear regression analysis was used to quantify the im-
pact of heuristics, prospects, and herding on investment decisions, correlation analysis was utilized 
to investigate the correlations between variables. The study’s conclusions showed that individual 
investors in Kathmandu, Nepal, made much better investment choices when they used heuristic 
behavior. Heuristics have a big impact on investment decisions, according to the first research hy-
pothesis, which is supported. The study also revealed a positive correlation between investment 
decisions and prospects, supporting the second research premise. This association, though, lacked 
statistical significance. Thus, it can be said that better prospects can have a favorable impact on 
individual investors’ choices in the Nepalese stock market. The third research hypothesis is also 
supported by the findings, which show that herding behavior significantly and beneficially influ-
ences investing choices. This implies that when making investing decisions, Nepalese investors are 
impacted by the behavior of others.

The study’s conclusions show that behavioral elements like herding, prospects, and heuristics have 
a big impact on individual investors’ stock market investing choices. These elements are very im-
portant in determining investing choices. The study’s conclusions are consistent with how individ-
ual stock market investors make decisions. Investors can make more intelligent and sensible finan-
cial choices by being aware of these behavioral characteristics. However, this study is not beyond its 
discovery limitations as it mainly analyzed the cross-sectional data of limited size. Moreover, the 
study employed a multistage random clustering sampling method with descriptive and analytical 
research design considering the deductive approach. Thus, future research can be done considering 
this research gap in the future in multiple geographical contexts. The future study can consist of 
more sample size and other factors directly influencing the investment decision with longitudinal 
data even comprising the inductive perspective of research.
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